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ABSTRACT

This study investigates the relationship between risk management practices and the financial
performance of microfinance institutions operating in the Guraghe Zone, Ethiopia. Employing a
mixed-methods approach, the study combines quantitative analysis using statistical software,
Eviews 10 with qualitative insights from in-depth interviews. The quantitative component
analyzes panel data from 2015 to 2024 for a sample of five microfinance institutions.
Specifically, it examines the relationship between key risk management indicators—Portfolio at
Risk Ratio, Loan Loss Provision Ratio, Fraud Incidents, and Information Technology Security
Expenditure—and a primary indicator of financial performance, Return on Assets. Panel least
squares regression with fixed effects was used to assess these relationships. The qualitative
component involved in-depth interviews with risk management personnel from the same five
microfinance institutions. These interviews explored the microfinance institutions' credit risk
management practices, operational risk management frameworks, and the main challenges
encountered in implementing effective risk management strategies. The quantitative analysis
revealed no statistically significant direct linear relationships between the measured risk
management indicators and Return on Assets. While descriptive statistics and correlations
provided initial insights into the variables and their associations, the regression results suggest
that, within the employed model, the direct impact of these specific risk measures on profitability
was not statistically discernible. The qualitative findings underscore the importance of
comprehensive credit risk management practices, including thorough loan assessment, varied
collateral approaches, and active loan monitoring. Furthermore, the microfinance institutions
highlighted their operational risk management efforts, focusing on fraud prevention and
Information Technology security. The study identified key challenges facing these microfinance
institutions, such as limited access to reliable credit information and vulnerability to external
shocks. The study recommends that Ethiopian microfinance institutions enhance credit risk
assessment, strategically invest in operational risk management, collaborate for information
sharing, diversify financial performance strategies, and further investigate liquidity risk

management.

Keywords: Microfinance institutions, Risk management practices, financial performance, Return

on asset.
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CHAPTER ONE
INTRODUCTION

1.1 BACKGROUND OF THE STUDY

Microfinance institutions (MFIs) play a crucial role in financial inclusion and poverty
alleviation, particularly in developing countries (Zeller & Meyer, 2002). These institutions
provide access to financial services such as credit, savings, and insurance to individuals and
small businesses who often lack collateral and traditional banking services (Armendariz &
Morduch, 2010). However, MFIs face various risks that can threaten their financial sustainability

and ability to serve their target clients effectively (Karadag, 2015; Moti et al., 2012).

Risk management has been identified as a critical factor in the performance and long-term
viability of MFIs (Ayayi & Savi, 2010; Tchakoute-Tchuigoua, 2010). Effective risk management
practices can help MFIs mitigate credit risk, operational risk, liquidity risk, and other types of
risks, ultimately improving their financial performance (Greuning & Bratanovic, 2009; Sinha,
2006).

Recent studies have examined the relationship between risk management practices and financial
performance in the microfinance sector. For example, Nyarko et al. (2016) found that credit risk
management practices had a significant positive impact on the financial performance of MFIs in
Ghana. Similarly, Karadag (2015) reported that comprehensive risk management strategies were

associated with better financial sustainability among Turkish MFIs.

Furthermore, the evolving landscape of microfinance, including the increasing digitalization of
financial services and the impact of global economic shocks, necessitates a deeper understanding
of risk management's role. For instance, recent research by Cull et al. (2021) highlights how the
adoption of digital technologies in MFIs can introduce new operational and cyber risks,
demanding robust risk mitigation strategies. Similarly, the COVID-19 pandemic underscored the
importance of liquidity and credit risk management, particularly in vulnerable microfinance
sectors (Gonzalez-Uribe & Zulverstorf, 2020). These developments emphasize the dynamic
nature of risks faced by MFIs and the need for continuous adaptation of risk management

practices.



In the Ethiopian context, the microfinance sector plays a vital role in promoting rural
development and financial inclusion. However, the sector faces unique challenges, including
limited access to capital, regulatory constraints, and environmental vulnerabilities. Studies such
as those by Mersha & Woldemichael (2019) have examined the operational challenges of
Ethiopian MFIs, but a focused analysis on the specific impact of diverse risk management
practices on financial performance within regional contexts like Guraghe Zone remains under-
explored. Therefore, this study aims to contribute to a more nuanced understanding of these

dynamics.

This study aims to bridge this gap by investigating the effects of risk management practices on
the financial performance of MFIs in the Guraghe Zone. Specifically, understanding the
effectiveness of risk management in a geographically and socio-economically specific region
like Guraghe Zone is crucial. The zone, with its unique demographic and economic

characteristics, may exhibit distinct risk profiles compared to national averages.
1.2 STATEMENT OF THE PROBLEM

Microfinance institutions (MFIs) play a critical role in promoting financial inclusion and
supporting the economic development of underserved communities (Armendariz & Morduch,
2010; Zeller & Meyer, 2002). However, MFIs face a range of risks that can threaten their
financial viability and sustainability (Karadag, 2015; Moti et al., 2012). These risks include
credit risk, operational risk, liquidity risk, and other types of risks that can negatively impact

their financial performance (Greuning & Bratanovic, 2009).

Existing research has highlighted the importance of effective risk management practices in
ensuring the long-term success and growth of MFIs (Ayayi & Savi, 2010; Tchakoute-T chuigoua,
2010). Studies have shown that MFIs with comprehensive risk management strategies tend to
have better financial performance and sustainability compared to those with weaker risk

management practices (Nyarko et al., 2016; Karadag, 2015).

However, there is limited research on the specific effects of risk management practices on the
financial performance of MFIs in the Guraghe Zone of Ethiopia. The Guraghe Zone is a region
with a significant number of MFls, but the relationship between risk management and financial

performance in this context is not well understood.



This study aims to address this research gap by investigating the effects of risk management
practices on the financial performance of MFIs in the Guraghe Zone. The findings of this study
will contribute to a better understanding of the critical role of risk management in ensuring the
sustainability and growth of microfinance institutions in the region, and provide insights that can

inform policy and practice in the microfinance sector.
1.3 RESEARCH QUESTIONS

In order to address the stated problem, this study primarily focuses on answering the following

basic research questions:
1) What types of risk management practices are employed by MFIs in the Guraghe Zone?

2) What are the key challenges faced by MFIs in the Guraghe Zone in implementing

effective risk management practices?

3) How do different types of risk management practices affect the financial performance of
MFIs in the Guraghe Zone?

1.4 OBJECTIVES OF THE STUDY

1.4.1 General Objective

The overall objective of this study is to investigate the effects of risk management practices on

the financial performance of microfinance institutions (MFIs) in the Guraghe Zone of Ethiopia.
1.4.2. Specific Objectives
Specifically, the study aims to achieve the following objectives:

1) To identify the types of risk management practices employed by MFIs in the Guraghe
Zone.

2) To identify the key challenges faced by MFIs in the Guraghe Zone in implementing

effective risk management practices.

3) To assess the influence of different types of risk management practices affect the

financial performance of MFls in the Guraghe Zone?



1.5 SIGNIFICANCE OF THE STUDY

This study on the effects of risk management practices on the financial performance of
microfinance institutions (MFIs) in the Guraghe Zone holds significant importance for several

reasons.

Firstly, this study will contribute to the growing body of empirical research by providing insights
into the specific context of MFIs operating in the Guraghe Zone of Ethiopia. The findings will
help expand the theoretical understanding of the critical role of risk management in ensuring the

financial sustainability and performance of MFIs in developing country settings.

Secondly, the results of this study can provide valuable insights for policymakers, regulators, and
managers of MFIs in the Guraghe Zone. The identification of the types of risk management
practices employed by MFIs and the assessment of their impact on financial performance can
inform the development of effective risk management policies and strategies. This, in turn, can
enhance the overall resilience and financial stability of the microfinance sector in the region,
ultimately benefiting the low-income individuals and small businesses that rely on these financial

services.

Thirdly, the findings of this study can contribute to the broader efforts to strengthen the
microfinance sector and promote financial inclusion in Ethiopia. By understanding the critical
role of risk management in the financial performance of MFIs, policymakers and industry
stakeholders can develop targeted interventions and support mechanisms to help MFIs in the
Guraghe Zone and other regions effectively manage their risks and enhance their long-term
viability. This, in turn, can lead to improved access to financial services for underserved

populations, supporting the broader economic and social development of the country.

In general, this study has the potential to make significant contributions to the theoretical,
practical, and policy-oriented aspects of risk management and financial performance in the

microfinance sector, with a specific focus on the Guraghe Zone of Ethiopia.
1.6 SCOPE OF THE STUDY

This study focused on investigating the effects of risk management practices on the financial

performance of microfinance institutions (MFIs) operating in the Guraghe Zone of Ethiopia. The



geographical scope of the study was limited to the Guraghe Zone, which is one of the

administrative zones in the Central Ethiopia Regional State of Ethiopia.

The study included five of the registered and operational MFIs in the Guraghe Zone, which are
estimated to be around 10 institutions based on the available data (National Bank of Ethiopia,
2024). The study examined the types of risk management practices employed by these MFlIs, the
key challenges faced in implementing effective risk management strategies, and influence of
credit risk management practices, liquidity risk management practices and operational risk

management practices on the financial performance of MFIs.

The financial performance of the MFIs was assessed using ROA (return on Assets), as suggested

by the existing literature.

The study focused solely on the Guraghe Zone and did not include MFIs from other regions of
Ethiopia. This decision is based on the specific research gap identified in the existing literature,
which suggests that the relationship between risk management and financial performance of

MFIs in the Guraghe Zone was not well-understood.

Furthermore, the study did not examine the social performance or outreach of the MFIs, as the
primary focus is on their financial performance and the effects of risk management practices.
While the social impact of microfinance is an important consideration, it is beyond the scope of

this particular study.

The study was also delimited to the specific time period of ten years (2015-2024), as this
provides a more recent and relevant understanding of the current risk management practices and

financial performance of the MFIs in the Guraghe Zone.
1.7 LIMITATIONS OF THE STUDY

While this study aims to provide valuable insights into the relationship between risk management
practices and the financial performance of microfinance institutions (MFIs) in the Guraghe Zone,

it is subject to some limitations.

The study was focused solely on the Guraghe Zone of Ethiopia, which may limit the
generalizability of the findings to other regions or countries. The specific economic, regulatory,

and institutional characteristics of the Guraghe Zone may influence the risk management



practices and financial performance of the MFIs in ways that may not be applicable to other

contexts.

The study was not able to account for all the potential factors that can influence the financial
performance of MFIs, such as macroeconomic conditions, market competition, and the
socioeconomic characteristics of the target clientele. The exclusion of these variables may limit
the ability to establish a comprehensive understanding of the determinants of financial

performance.

Despite these limitations, the study strived to maintain a rigorous methodological approach and
provide meaningful insights that can inform the risk management practices and financial
performance of MFIs in the Guraghe Zone. The findings were contextualized within the
limitations of the study, and recommendations for future research were provided to address these

limitations and expand the understanding of this important topic.



1.8 ORGANIZATION OF THE RESEARCH

The research paper is organized into five chapters. The first chapter introduces the background
information, statement of the problem, research questions, general and specific objectives and
significance of the study. It also includes the scope and limitations of the research. Chapter two
introduces review of relevant literature on the research problems under question. Chapter three
discusses the research design adopted for the research and outlines the methodology for carrying
out primary and secondary data collection. Chapter four presents the findings of the research
along with the researcher’s analysis and interpretation of the findings. Finally, Chapter five

covers discussion of summary of the major findings, conclusions and recommendations.
1.9 DIFINITION OF TERMS

MFIs are typically defined as organizations that provide small loans, savings, and other financial
services to low-income individuals and micro-enterprises who are typically excluded from the

formal banking system.

Risk management is the process of identifying, assessing, and controlling potential threats to an

organization’s capital, earning, and operation.

Financial performance refers to how well a company uses its resources to generate revenue and

profits over time as measured by analyzing financial statement and key performance indicators.

Return on assets (ROA) is a financial ratio that indicates how profitable a company relatively to

its total assets.



CHAPTER TWO
REVIEW OF RELATED LITERATURE

2.1 INTRODUCTION

This chapter deals the theoretical review of literature, empirical review, gap analysis and
conceptual framework of the study on the effects of risk management practice on financial
performance of micro finance institutions in Guraghe Zone. The review of the related literature
sets the stage for the investigation of risk management practices and their impacts on the

financial performance of MFIs in the area.
2.2 OVERVIEW OF MICROFINANCE INSTITUTIONS (MFIs)

Microfinance institutions (MFIs) have emerged as a crucial component of the global financial
landscape, providing access to financial services for individuals and small businesses who
traditionally lacked access to formal banking systems (Mersland & Strgm, 2010). These
institutions offer a range of services, including microcredit, microsavings, and microinsurance, to

underserved populations, often in developing countries (Cull et al., 2009).

MFIs are typically defined as organizations that provide small loans, savings, and other financial
services to low-income individuals and micro-enterprises who are typically excluded from the
formal banking system (Armendariz & Morduch, 2010). These institutions are characterized by
their focus on reaching marginalized populations, their innovative lending methodologies (e.g.,
group lending, collateral-free loans), and their emphasis on financial sustainability alongside

social impact (Zeller & Meyer, 2002).

Microfinance institutions can be categorized into different organizational structures, such as non-
profit organizations, non-governmental organizations (NGOSs), cooperatives, and commercial
banks (Armendariz & Morduch, 2010). These varied structures allow MFIs to cater to the diverse

needs and challenges faced by their target clientele (Cull et al., 2009).

One of the primary objectives of microfinance is to alleviate poverty by empowering individuals,
particularly women, to engage in income-generating activities and improve their financial

resilience. Studies have shown that access to microfinance can lead to increased household



income, improved health and education outcomes, and a reduction in vulnerability to economic
shocks (Banerjee et al., 2015).

However, the microfinance sector is not without its challenges. Concerns have been raised about
high interest rates, over-indebtedness, and the potential for mission drift, where MFIs prioritize
financial sustainability over social impact (Hermes & Lensink, 2011). Researchers have called
for greater regulation and oversight to ensure that microfinance remains true to its social mission
(Arun & Hulme, 2009).

Despite these challenges, microfinance continues to be a powerful tool for financial inclusion
and poverty alleviation, reaching millions of people around the world (Morduch & Haley, 2002).
As the sector continues to evolve, ongoing research and innovation will be crucial in addressing
the needs of the underbanked and fostering sustainable development (Armendariz & Labie,
2011).

2.3 IMPORTANCE OF MFIs IN PROMOTING FINANCIAL INCLUSION

Microfinance institutions (MFIs) play a crucial and multifaceted role in promoting financial
inclusion, which is the process of ensuring that individuals and businesses have access to

affordable and appropriate financial products and services (Demirglig-Kunt et al., 2022).

Firstly, MFIs are instrumental in expanding the reach of financial services to underserved
populations, particularly in rural and low-income areas (Arun & Hulme, 2021). These
populations often lack access to traditional banking services due to factors such as geographical
remoteness, lack of collateral, or perceived high-risk profiles. MFIs, with their innovative
delivery models and tailored products, are able to overcome these barriers and bring financial

services to the doorsteps of the unbanked and underbanked (Banerjee et al., 2019).

Secondly, MFIs promote the empowerment of marginalized groups, especially women, by
providing them with access to credit and other financial services (Brody et al., 2017). This access
can enable these individuals to start or expand small businesses, invest in their families' well-
being, and build financial resilience, thereby contributing to the broader goal of inclusive and

sustainable development (Meager, 2019).

Thirdly, MFIs contribute to the development of local financial ecosystems by encouraging the
mobilization of savings and the expansion of credit markets (Ledgerwood et al., 2021). This, in
9



turn, can lead to increased economic activity, job creation, and the growth of small and medium-

sized enterprises, all of which are crucial for inclusive economic development (Cull et al., 2022).

Fourthly, MFIs often serve as a bridge between the formal and informal financial sectors,
providing a pathway for the unbanked to gradually integrate into the formal financial system
(Hermes & Lensink, 2021). This integration can lead to improved financial literacy, greater
access to a wider range of financial services, and the development of credit histories, further

enhancing financial inclusion (Arun et al., 2020).

Finally, the importance of MFIs in promoting financial inclusion has been highlighted during the
COVID-19 pandemic, as they have played a vital role in providing emergency relief, debt
restructuring, and continued access to financial services for vulnerable communities (Nair &
Fissha, 2021; Ozili, 2020).

Despite the challenges faced by the microfinance sector, such as concerns about high interest
rates and potential mission drift, the significance of MFIs in driving inclusive growth and
empowering underserved communities remains indisputable (Cull et al., 2022). As the global
financial landscape continues to evolve, the role of MFIs in promoting financial inclusion will

only become more crucial (Jain & Karnik, 2021).
2.4 CHALLENGES AND LIMITATIONS OF MFIs

Microfinance institutions (MFIs) have played a crucial role in promoting financial inclusion, but
they also face significant challenges and limitations that must be addressed to ensure their long-

term sustainability and effectiveness.

One of the primary challenges facing MFlIs is the issue of financial sustainability. Many MFIs
struggle to generate sufficient revenue to cover their operating costs, particularly in the context
of serving low-income and rural populations (Armendariz & Morduch, 2010). This can lead to a
reliance on subsidies, grants, or external funding, which can compromise the MFIs' autonomy

and responsiveness to the needs of their clients (Hermes & Lensink, 2011).

Another challenge is the difficulty in reaching and serving the most marginalized and vulnerable
populations, such as the ultra-poor or those living in remote areas (Banerjee et al., 2015). The
high transaction costs and logistical challenges associated with serving these populations can
limit the reach and impact of MFIs (Armendéariz & Morduch, 2010).
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In addition, MFIs face the challenge of balancing their social mission with the need to maintain
financial viability. This "mission drift" can lead to a shift away from serving the poorest clients
and towards more profitable, but potentially less impactful, market segments (Cornée & Szafarz,
2014).

The issue of high interest rates charged by MFIs is also a significant concern, as it can undermine
the affordability and accessibility of their services for the target population (Cull et al., 2009).
While high interest rates may be necessary to cover the operational costs, they can also

contribute to the problem of over-indebtedness among borrowers (Schicks, 2013).

Furthermore, MFIs often struggle with issues related to governance, transparency, and client
protection. Weak regulatory frameworks, lack of oversight, and inadequate client grievance
mechanisms can lead to the exploitation of vulnerable clients and undermine the credibility of

the microfinance sector (Lenton & Mosley, 2012).

Finally, the rapid growth and diversification of the microfinance sector have led to concerns
about the quality and consistency of service delivery, as well as the potential for mission drift
and a loss of focus on the core goals of financial inclusion and poverty alleviation (Armendariz
& Szafarz, 2011).

To address these challenges and limitations, MFIs must continuously innovate, strengthen their
governance and risk management practices, and collaborate with policymakers, regulators, and
other stakeholders to create an enabling environment for sustainable and inclusive microfinance
(Cull et al., 2022). Ongoing research and evaluation will be critical in identifying effective
strategies and best practices to improve the performance and impact of MFIs (Banerjee et al.,
2019).

2.5 TYPES OF RISKS FACED BY MFlIs

Effective risk management is critical for MFIs to protect their financial sustainability and
continue serving their low-income clientele. A comprehensive risk management framework
addressing the following key risk areas is essential for the long-term success of microfinance

institutions.
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2.5.1 Credit Risk

This is the primary risk that MFIs face, as it involves the potential for borrowers to default on
their loan repayments (Cull et al., 2022). To manage credit risk, MFIs must have robust credit

assessment and monitoring processes in place. This includes:

- Borrower Evaluation: Thoroughly assessing the creditworthiness of potential borrowers
through income verification, collateral assessment, and credit history analysis (Bauchet &
Morduch, 2021).

- Loan Monitoring: Closely monitoring the repayment behavior of borrowers and taking

proactive actions to address any signs of delinquency (Hermes & Lensink, 2021).

- Diversification: Spreading the loan portfolio across different borrowers, sectors, and
geographical regions to mitigate the impact of individual defaults (Serrano-Cinca & Gutiérrez-
Nieto, 2022).

2.5.2 Liquidity Risk

MFIs must ensure that they have sufficient liquid assets to meet their short-term obligations,
such as depositor withdrawals and loan disbursements (Tchakoute-Tchuigoua, 2022). Liquidity
risk arises from maturity mismatches between assets and liabilities, where MFIs have long-term

loans but short-term deposits. To manage liquidity risk, MFIs can:

- Asset-Liability Management: Carefully matching the maturities of their assets and liabilities to

minimize the risk of cash flow shortfalls (Tchakoute-Tchuigoua, 2022).

- Liquidity Buffers: Maintaining a portfolio of liquid assets, such as cash and short-term

investments, to meet unexpected withdrawal demands (Bos & Millone, 2021).

- Diversified Funding Sources: Accessing a variety of funding sources, including deposits, loans,

and equity, to reduce reliance on any single source (Serrano-Cinca & Gutiérrez-Nieto, 2022).
2.5.3 Market Risk

Market risk encompasses interest rate risk, currency risk, and price risks that can impact the
value of an MFI's assets and liabilities (Kar, 2022). Effective asset-liability management is

crucial to mitigate market risk, which includes:
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- Interest Rate Risk: Managing the sensitivity of the MFI's net interest income to changes in

market interest rates (Kar, 2022).

- Currency Risk: Hedging against the impact of exchange rate fluctuations on the value of

foreign currency-denominated assets and liabilities (Kar, 2022).

- Price Risk: Monitoring and managing the risk of changes in the prices of goods and services

that affect the MFI's operations or the value of its investments (Kar, 2022).
2.5.4 Operational Risk

Operational risk refers to the risk of losses due to inadequate or failed internal processes, people,
and systems (Groeneveld, 2021). This includes risks such as fraud, technological failures, and

natural disasters. To manage operational risk, MFIs can:

- Internal Controls: Implement robust internal control systems, including segregation of duties,

dual approvals, and regular audits (Groeneveld, 2021).

- Business Continuity Planning: Develop and regularly test business continuity plans to ensure

the MFI can continue operations in the event of a disaster or disruption (Groeneveld, 2021).

- Staff Training: Provide comprehensive training and development programs to ensure
employees have the necessary skills and knowledge to perform their duties effectively
(Groeneveld, 2021).

2.5.5 Regulatory and Compliance Risk

MFIs face the risk of regulatory changes or non-compliance with the laws and regulations
governing their activities (Xu et al., 2022). This can lead to fines, restrictions, or even the loss of

their operating license. To manage regulatory and compliance risk, MFIs should:

- Stay Informed: Closely monitor regulatory developments and changes in the microfinance
industry (Xu et al., 2022).

- Compliance Frameworks: Establish robust compliance frameworks and policies to ensure

adherence to all relevant laws and regulations (Xu et al., 2022).

- Regulatory Engagement: Actively engage with regulators and policymakers to provide input

and feedback on the regulatory environment (Xu et al., 2022).

13



2.5.6 Reputational Risk

Reputational risk refers to the potential damage to an MFI's public image and brand, which can
impact client and investor trust (Vong & Song, 2021). This is particularly important for MFIs

given their close ties to the communities they serve. To manage reputational risk, MFIs can:

- Transparent Communication: Maintain open and transparent communication with clients,

partners, and the general public (Vong & Song, 2021).

- Responsible Practices: Ensure that their products, services, and operations align with ethical

and socially responsible practices (Vong & Song, 2021).

- Crisis Management: Develop and regularly test crisis management plans to respond effectively
to any reputational threats (Vong & Song, 2021).

2.5.7 Strategic Risk

Strategic risk refers to the risk of inappropriate or flawed business strategies, such as poorly
designed products, ineffective marketing, or unsustainable growth plans (Varghese &

Viswanathan, 2021). To manage strategic risk, MFIs should:

- Strategic Planning: Engage in comprehensive strategic planning to identify and assess potential

risks and opportunities (Varghese & Viswanathan, 2021).

- Market Research: Conduct thorough market research to understand the needs and preferences

of their target clientele (VVarghese & Viswanathan, 2021).

- Adaptive Strategies: Develop flexible and adaptable strategies that can be adjusted in response

to changing market conditions (Varghese & Viswanathan, 2021).
2.6 RISK MANAGEMENT IN THE MICROFINANCE SECTOR

By addressing the following key aspects of risk management, MFIs can enhance their resilience,

improve their financial sustainability, and better serve the needs of their clients and communities.
2.6.1 Credit Risk Management

Credit risk is a significant challenge for microfinance institutions (MFIs) due to the high-risk
nature of their target clientele, who often lack traditional collateral or credit history (Ledgerwood

et al., 2013). To manage credit risk, MFIs employ several strategies:
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Thorough Client Assessment: MFIs conduct comprehensive assessments of potential borrowers,
evaluating their character, capacity to repay, capital, collateral, and conditions (Cull et al., 2018).

This helps identify and mitigate credit risk at the individual client level.

Diversification of Loan Portfolio: MFIs diversify their loan portfolios across different sectors,
geographic regions, and client demographics to reduce concentration risk and exposure to
localized shocks (Hermes & Lensink, 2007).

Group Lending Mechanisms: The use of group lending models leverages social capital and peer

pressure to enhance repayment rates and manage credit risk (Vong & Song, 2021).

Credit Risk Monitoring and Early Warning Systems: MFIs implement robust monitoring and
early warning systems to identify potential defaults and take proactive measures to address them
(Armendariz & Morduch, 2010).

2.6.2 Operational Risk Management

Microfinance operations face various operational risks, such as fraud, theft, technology failures,

and natural disasters (Ledgerwood et al., 2013). MFIs manage these risks through:

Internal Controls and Staff Training: MFIs establish comprehensive internal control systems and
provide regular training to staff on risk identification, mitigation, and reporting (Labie &
Périlleux, 2014).

Business Continuity Planning: MFIs develop robust business continuity plans to ensure the

resilience of their operations in the face of disruptions and disasters (Gonzalez, 2007).

Governance and Auditing: Effective governance structures, oversight mechanisms, and regular
auditing processes help maintain the integrity of microfinance operations (Hartarska &
Nadolnyak, 2007).

2.6.3 Liquidity Risk Management

Ensuring sufficient liquidity is a significant challenge for MFIs, as they must balance the need to
meet client withdrawal demands with the long-term nature of their loan portfolios (Navajas &

Gonzalez-Vega, 2000). MFIs manage liquidity risk through:

Maintaining Adequate Cash Reserves: MFIs hold an appropriate level of cash reserves to meet
their short-term liquidity needs (Tchakoute-Tchuigoua, 2010).
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Diversifying Funding Sources: MFIs diversify their funding sources, including deposits,
borrowings, and equity investments, to reduce reliance on a single source of funding (Lafourcade
etal., 2005).

Asset-Liability Management: MFIs implement effective asset-liability management practices to

match the maturity profile of their assets and liabilities (Hussain & Nabi, 2019).

Access to Emergency Liquidity Facilities: MFIs may have access to emergency liquidity
facilities, such as central bank or donor-funded facilities, to address temporary liquidity shortfalls
(Ledgerwood et al., 2013).

2.6.4 Interest Rate Risk Management

Fluctuations in interest rates can significantly impact the profitability and viability of MFIs,
particularly those that rely on external borrowing (Cull et al., 2009). MFIs manage interest rate

risk through:

Asset-Liability Matching: MFIs match the repricing or maturity of their assets and liabilities to

mitigate the impact of interest rate changes (Hussain & Nabi, 2019).

Interest Rate Derivatives: MFIs may use interest rate derivatives, such as swaps or caps, to hedge

their exposure to interest rate volatility (Armendariz & Morduch, 2010).

Pricing of Microfinance Products: MFIs carefully price their loan products to reflect the cost of
funds and their desired level of profitability, while considering the impact on client affordability
(Cull etal., 2009).

2.6.5 Regulatory and Compliance Risk Management

MFIs operate in a complex regulatory environment and must comply with various laws,
regulations, and industry standards (Ledgerwood et al., 2013). Effective regulatory and

compliance risk management involves:

Understanding the Regulatory Landscape: MFIs maintain a thorough understanding of the
regulatory requirements and collaborate with policymakers to ensure an enabling environment

for sustainable microfinance (Hartarska & Nadolnyak, 2007).
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Compliance Monitoring and Reporting: MFIs implement robust compliance monitoring and
reporting processes to ensure adherence to regulations and industry standards (Labie & Périlleux,
2014).

2.6.6 Reputational Risk Management

The reputation and credibility of MFIs are critical to their ability to attract and retain clients, as
well as secure funding and partnerships (Armendariz & Morduch, 2010). MFIs manage

reputational risk through:

Transparent and Ethical Practices: MFIs adhere to high standards of transparency, client
protection, and ethical business practices to maintain their credibility and reputation (Labie &
Périlleux, 2014).

Effective Client Grievance Mechanisms: MFIs establish robust client grievance mechanisms to
promptly address and resolve any issues or complaints, thereby preserving their reputation (Cull
etal., 2018).

Proactive Stakeholder Engagement: MFIs engage proactively with their stakeholders, including
clients, regulators, and the broader community, to build trust and maintain a positive reputation
(Ledgerwood et al., 2013).

2.7 IMPORTANCE OF EFFECTIVE RISK MANAGEMENT IN
ENSURING FINANCIAL SUSTAINABILITY

Effective risk management is crucial for the financial sustainability of MFIs. By proactively
identifying, assessing, and mitigating these risks, MFIs can enhance their ability to maintain
healthy portfolio quality, ensure adequate liquidity, and protect their overall financial
performance (Karadag, 2015; Tchakoute-Tchuigoua, 2010). This, in turn, allows MFIs to
continue providing financial services to their target clientele and contributing to the broader goal

of financial inclusion.

Risk management practices, such as credit appraisal processes, loan monitoring systems,
liquidity management strategies, and internal control mechanisms, are essential for MFIs to

navigate the challenges and uncertainties inherent in the microfinance sector (Tchakoute-
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Tchuigoua, 2010). The ability of MFIs to effectively manage these risks can have a significant

impact on their financial performance and long-term viability.
2.8 FINANCIAL PERFORMANCE OF MFIs

The financial performance of microfinance institutions (MFIs) is a critical aspect of their
sustainability and ability to fulfill their social mission of financial inclusion. Measuring and
understanding the determinants of MFI financial performance is essential for identifying
effective strategies and practices that can enhance the overall resilience and viability of the

microfinance sector.
2.8.1 Measures of Financial Performance in the Microfinance Sector

Recent literature emphasizes the use of a range of indicators to assess their financial health,
moving beyond singular metrics. Profitability, which reflects an MFI's ability to generate income
over expenses, is currently evaluated using measures such as Return on Assets (ROA) and
Return on Equity (ROE) (Ertiro & Mohammed, 2022). Liquidity, an MFI's capacity to meet
short-term obligations, is assessed through indicators like the current ratio and cash-to-total-
assets Solvency, indicating long-term financial stability and the ability to absorb losses, is
examined using ratios such as the capital adequacy ratio (CAR) and debt-to-equity ratio (Ertiro
& Mohammed, 2022). Finally, Portfolio Quality, a critical aspect reflecting the health of the loan
portfolio, is evaluated using metrics like the portfolio-at-risk (PAR) ratio and the non-performing
loan (NPL) ratio (Ertiro & Mohammed, 2022). These indicators provide a more comprehensive

view of MFI financial performance in the contemporary Ethiopian context.
2.8.2 Factors Influencing the Financial Performance of MFIs

The financial performance of MFlIs is influenced by a variety of factors, both internal and

external to the institution. These factors can include:

Internal Factors:

- Operational efficiency (e.g., cost management, productivity)
- Lending methodologies and credit risk management practices
- Asset-liability management and liquidity risk mitigation

- Governance and management practices (Zeller & Meyer, 2002; Nyarko et al., 2016)
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External Factors:

- Macroeconomic conditions (e.g., economic growth, inflation, interest rates)
- Regulatory environment and industry supervision

- Competition within the microfinance sector

- Social, cultural, and demographic characteristics of the target clientele (Zeller & Meyer, 2002;
Nyarko et al., 2016)

Understanding the interplay between these factors and their impact on the financial performance
of MFlIs is crucial for developing evidence-based strategies and policies to support the growth
and sustainability of the microfinance sector, particularly in the context of the Guraghe Zone in

Ethiopia.

2.9 IMPORTANCE OF EFFECTIVE RISK MANAGEMENT FOR MFIs IN
THE GURAGHE ZONE

As discussed earlier, effective risk management is a crucial determinant of the financial
sustainability and resilience of MFIs. In the context of the Guraghe Zone, where a significant
portion of the population remains unbanked and underserved by traditional financial institutions,
the role of MFIs in promoting financial inclusion is particularly important (National Bank of
Ethiopia, 2023).

However, the unique operational and socioeconomic challenges faced by MFIs in the Guraghe
Zone, such as information asymmetries, limited access to credit information, and resource
constraints, can pose significant risks to their financial performance (Nyarko et al., 2016;
Karadag, 2015). Addressing these challenges through the implementation of effective risk
management practices can enhance the ability of MFIs to maintain a healthy loan portfolio,
ensure adequate liquidity, and achieve financial sustainability, thereby enabling them to continue

serving the financial needs of the local communities.

Based on the empirical evidence and the broader understanding of risk management in the
microfinance sector, some potential risk management strategies that MFIs in the Guraghe Zone

could consider adopting include:
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1. Strengthening credit risk management: Implementing robust borrower assessment procedures,
effective loan monitoring and recovery systems, and diversifying the loan portfolio to mitigate
credit risk (Moti et al., 2012; Tchakoute-Tchuigoua, 2010).

2. Enhancing liquidity risk management: Developing sound asset-liability management practices,
maintaining appropriate liquidity buffers, and diversifying funding sources to ensure adequate
liquidity (Greuning & Bratanovic, 2009; Sinha, 2006).

3. Improving operational risk management: Investing in technology, streamlining internal
processes, and strengthening internal control mechanisms to mitigate operational risks such as

fraud, errors, and system failures (Greuning & Bratanovic, 2009; Karadag, 2015).

4. Fostering a risk-aware organizational culture: Promoting risk management as a strategic
priority, building the risk management capabilities of staff, and integrating risk management into

the overall decision-making and governance processes (Moti et al., 2012; Nyarko et al., 2016).

5. Collaborating with regulators and industry peers: Engaging with the National Bank of Ethiopia
and other MFIs to enhance access to credit information, share best practices, and advocate for a

supportive regulatory environment (National Bank of Ethiopia, 2023; Karadag, 2015).

MFIs in the Guraghe Zone can strengthen their financial performance and contribute to the
broader goal of financial inclusion in the region if they are able to adopt and effectively

implement these risk management strategies.
EMPIRICAL REVIEW OF LITERATURE

Extensive research has been carried out on the effects of risk management on the financial
performance of microfinance institutions across various geographic areas. Some of the

researches previously conducted are described as follows.

Girma and Abera (2020) conducted a quantitative study to examine the relationship between
credit risk management practices and the financial performance of microfinance institutions in
Ethiopia. The researchers employed a panel data analysis approach on a sample of 20
microfinance institutions from 2015 to 2019. The findings revealed that effective loan portfolio
quality management, including appropriate loan loss provisioning and comprehensive loan
monitoring systems, had a significant positive impact on the return on assets and return on equity

of the studied microfinance institutions. The study highlighted the importance of proactive credit
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risk management in enhancing the overall financial performance of microfinance institutions

operating in the Ethiopian context.

Beyene and Mihret (2019) employed a qualitative case study approach to investigate the
influence of operational risk management practices on the financial performance of three leading
microfinance institutions in Ethiopia. The researchers conducted in-depth interviews with key
personnel and reviewed organizational documents to gain a comprehensive understanding of the
risk management strategies and their impact on the institutions' financial performance. The study
findings showed that robust operational risk identification, assessment, monitoring, and
mitigation strategies contributed to enhanced profitability, liquidity, and solvency of the studied
microfinance institutions. The research emphasized the critical role of effective operational risk

management in ensuring the financial sustainability of microfinance institutions in Ethiopia.

Tesfaye and Negash (2018) used multiple regression analysis to quantify the impact of liquidity
risk management on the financial performance of 15 microfinance institutions in Ethiopia from
2013 to 2017. The researchers examined the influence of various liquidity risk management
indicators, such as liquidity ratio, cash reserve ratio, and liquid asset to total asset ratio, on the
return on assets and return on equity of the sampled institutions. The findings indicated that
higher levels of these liquidity risk management measures were significantly associated with
improved financial performance, highlighting the importance of proactive liquidity risk

management in the microfinance sector in Ethiopia.

Abebe and Cherkos (2017) adopted a mixed-methods approach to explore the factors influencing
the financial sustainability of 18 microfinance institutions in Ethiopia from 2011 to 2015. The
researchers employed panel data regression analysis to identify the key determinants of financial
sustainability, and conducted interviews with managers to gain deeper insights into the
operational and strategic factors affecting the institutions' long-term viability. The study found
that operational self-sufficiency, portfolio quality, capital adequacy, and cost-efficiency were the
critical factors contributing to the financial sustainability of the studied microfinance institutions

in Ethiopia.

Mekonnen and Yirdaw (2016) conducted a quantitative study to examine the relationship

between loan default risk management and the financial performance of 12 microfinance

institutions in Ethiopia from 2010 to 2014. Using correlation and multiple regression analyses,
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the researchers investigated the impact of effective credit risk assessment, loan monitoring, and
loan recovery strategies on the return on assets and operational self-sufficiency of the sampled
institutions. The findings revealed that proactive loan default risk management practices
significantly enhanced the overall financial performance of the studied microfinance institutions,
underscoring the importance of comprehensive credit risk management in the microfinance

sector.

Alemayehu and Getachew (2015) investigated the effect of portfolio diversification on the
financial performance of 16 microfinance institutions in Ethiopia from 2008 to 2012. Employing
a quantitative approach and panel data analysis, the researchers examined the impact of
diversification in loan products, client segments, and geographic spread on the profitability,
efficiency, and sustainability of the studied institutions. The findings indicated that a higher
degree of portfolio diversification was associated with improved financial performance,
suggesting that diversification strategies can be an effective risk management tool for

microfinance institutions in Ethiopia.

Demissie and Aga (2013) conducted a quantitative study using structural equation modeling to
investigate the relationship between risk management practices and the financial performance of
14 microfinance institutions in Ethiopia from 2007 to 2011. The researchers examined the impact
of credit risk management, liquidity risk management, and operational risk management on the
return on assets, portfolio quality, and operational self-sufficiency of the studied institutions. The
findings showed that effective implementation of these risk management practices had a
significant positive influence on the overall financial performance of the sampled microfinance
institutions, underscoring the importance of a comprehensive risk management framework in the

microfinance sector.

Chaudhary and Ishfag (2003) investigated the determinants of credit worthiness of rural
borrowers in Pakistan, which is an important aspect of risk management in microfinance
institutions. Employing a logit model and survey data from 300 rural households, the study found
that factors such as household income, asset ownership, and social capital were significant
predictors of credit worthiness. These findings can inform the development of appropriate risk

management strategies, such as credit scoring models and collateral requirements, that take into
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account the unique characteristics and circumstances of rural borrowers in the microfinance

context.

Hermes and Lensink (2011) investigated the relationship between outreach and efficiency in
microfinance institutions across 55 countries. Employing data envelopment analysis and Tobit
regression, the researchers found a trade-off between outreach and efficiency, suggesting that
microfinance institutions face the challenge of balancing the goal of reaching a larger number of
underserved clients (outreach) with the need to maintain operational and financial efficiency.
The study indicated that effective risk management practices can help microfinance institutions
navigate this delicate balance, ensuring that they can achieve both social and financial objectives

in a sustainable manner.

Hartarska and Nadolnyak (2007) examined the impact of regulation on the sustainability and
outreach of microfinance institutions in 62 countries. Using a two-stage least squares approach,
the study indicated that effective regulation, which includes risk management requirements, can
enhance the sustainability and outreach of microfinance institutions. The researchers highlighted
the importance of a well-designed regulatory framework that promotes prudent risk management
practices, as this can contribute to the long-term viability and inclusive growth of the

microfinance sector.

Mersland and Strgm (2010) investigated the impact of mission drift on the financial and social
performance of microfinance institutions in 73 countries. Employing a generalized method of
moments approach, the researchers found that effective risk management practices, such as credit
risk management and operational risk management, can help microfinance institutions maintain
their social mission while achieving financial sustainability. The study emphasized the need for a
balanced approach that addresses both financial and social objectives, with robust risk

management strategies playing a crucial role in this endeavor.

Ayana and Woldegebriel (2014) used a mixed-methods approach to examine the factors

influencing the financial sustainability of 20 microfinance institutions in Ethiopia from 2009 to

2013. The researchers employed regression analysis to identify the key determinants of financial

sustainability and conducted interviews with managers to gain a deeper understanding of the

operational and strategic challenges faced by the institutions. The study revealed that outreach,

operational efficiency, capital structure, and regulatory environment were the critical factors
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contributing to the long-term financial sustainability of the sampled microfinance institutions in

Ethiopia.

Krauss and Walter (2009) examined the impact of microfinance on portfolio volatility in 54
countries. Using a panel data approach, the study revealed that effective risk management
practices, such as portfolio diversification and risk-based pricing, can help microfinance
institutions reduce their portfolio volatility and improve their financial performance. The
researchers highlighted the importance of implementing comprehensive risk management
strategies that go beyond traditional credit risk management, focusing on diversification, pricing,
and other risk mitigation techniques to enhance the overall stability and resilience of

microfinance institutions.
2.10 RESEARCH GAP

The existing literature on the microfinance sector has provided valuable insights into the role of
risk management practices in influencing the financial performance of microfinance institutions
(MFIs) in various geographical and institutional contexts. However, there is a paucity of
empirical evidence specifically focused on the Guraghe Zone of Ethiopia, a region where MFIs

play a crucial role in promoting financial inclusion among the underserved populations.

The Guraghe Zone is a unique geographical and socioeconomic context, with its own set of
challenges and opportunities for the microfinance sector. The National Bank of Ethiopia (2023)
has provided some data and reports on the regulatory environment and the overall microfinance
landscape in the country, but there is limited research that delves deeper into the specific risk
management practices employed by MFIs operating in the Guraghe Zone and the impact of these

practices on the financial performance of these institutions.

Existing studies have highlighted the importance of effective risk management in ensuring the
financial sustainability of MFIs, but the unique operational and socioeconomic characteristics of
the Guraghe Zone may require a tailored understanding of the risk management strategies

adopted by local MFIs and the factors that shape their financial performance.

Factors such as access to credit information, availability of skilled personnel, organizational
culture, and the regulatory environment may have a significant influence on the ability of MFIs

in the Guraghe Zone to implement comprehensive risk management frameworks and achieve
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desirable financial outcomes. However, there is a lack of empirical evidence that specifically

examines these relationships in the context of the Guraghe Zone.
2.11 CONCEPTUAL FRAMEWORK OF THE STUDY

The conceptual framework for this study aims to examine the relationship between the risk
management practices employed by microfinance institutions (MFIs) and their financial
performance in the context of the Guraghe Zone, Ethiopia. This framework is grounded in the
existing theoretical and empirical literature on risk management and financial performance in the

microfinance sector.

The first key component of the conceptual framework is the risk management practices adopted
by MFIs in the Guraghe Zone. As discussed in the literature review, MFIs face a range of risks,
including credit risk, operational risk, liquidity risk, and market risk, which require
comprehensive and effective risk management strategies to ensure their financial sustainability
(Greuning & Bratanovic, 2009; Sinha, 2006).

The specific risk management practices that were investigated in this study include:

a. Credit risk management practices: Borrower assessment, loan monitoring, and loan

recovery procedures (Moti et al., 2012; Tchakoute-Tchuigoua, 2010)

b. Liquidity risk management practices: Asset-liability management, liquidity buffer

maintenance, and funding diversification (Greuning & Bratanovic, 2009; Sinha, 2006)

c. Operational risk management practices: Internal control systems, fraud prevention, and

technology integration (Greuning & Bratanovic, 2009; Karadag, 2015)

The second key component of the conceptual framework is the financial performance of MFIs in
the Guraghe Zone. As discussed in the literature review, the financial performance of MFIs can
be assessed using various indicators, such as profitability, liquidity, solvency, and portfolio
quality (Greuning & Bratanovic, 2009; Sinha, 2006).

The specific financial performance measures that were analyzed in this study include Return on
assets (ROA).
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The conceptual framework of this study establishes a clear relationship between the independent
and dependent variables. At the core of the framework is the notion that the risk management
practices employed by microfinance institutions (MFIs) are the key independent variable that

influences their financial performance, represented as the dependent variable.

The risk management practices encompass a multifaceted set of strategies and mechanisms
adopted by the MFIs. This includes their approaches to credit risk management, such as loan
underwriting, collateral requirements, and delinquency monitoring. It also encompasses the
MFIs' operational risk management frameworks, focusing on areas like fraud prevention,

information systems reliability, and adaptability to unexpected operational disruptions.

The effectiveness and robustness of these risk management practices are hypothesized to have a
direct bearing on the MFIs' financial performance. Specifically, the study examines a key
financial performance indicator: the return on assets (ROA). The premise is that MFIs with
stronger risk management practices are more likely to achieve better financial returns, as
reflected in the ROA.
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CHAPTER THREE

RESEARCH METHODOLOGY

This chapter presents the research methodology to be employed for data collection as well as
analysis of research findings. In addition, in this chapter relevant statistical and analytical tools
are described in detail. In general, the purpose of this chapter is to provide a clear understanding
on research design, the study population, sample size and sampling techniques, data sources, data

collection instruments and method of data analysis.
3.1 DESCRIPTION OF THE STUDY AREA

The study was conducted in the Guraghe Zone, which is one of the administrative zones in the
Central Ethiopia Regional State of Ethiopia. The Guraghe Zone is situated in the southwestern
part of the country, approximately 167 kilometers from the capital city, Addis Ababa.

The Guraghe Zone covers an area of approximately 5,893 square kilometers and is home to a
population of over 1.5 million people, with the majority residing in rural areas (Central Statistical
Agency of Ethiopia, 2022). The zone is characterized by a diverse geography, including
mountainous terrains, valleys, and plateaus, which can pose unique challenges for the delivery of

financial services.

The Guraghe Zone is predominantly an agrarian economy, with the majority of the population
engaged in subsistence farming, livestock rearing, and small-scale trade activities. The region
has a long history of microfinance operations, with several registered microfinance institutions

(MFIs) serving the financial needs of the local communities (National Bank of Ethiopia, 2023).

Some of the key MFIs operating in the Guraghe Zone include Omo Microfinance Institution,
Vision Fund Microfinance Institution, Agar Microfinance Institution, and Liyu Microfinance
Institution. These MFIs offer a range of financial products and services, such as microcredit,
savings, and money transfer, with the aim of promoting financial inclusion and supporting the

livelihood activities of the underserved population.

However, the Guraghe Zone, like many other rural areas in Ethiopia, faces challenges in terms of
infrastructure, access to information, and financial literacy, which can impact the operations and

risk management practices of the local MFIs. Understanding the specific risk management
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strategies employed by MFIs in this context and their influence on the institutions' financial
performance is crucial for enhancing the sustainability and resilience of the microfinance sector

in the region.
3.2 RESEARCH APPROACH

The study adopted a mixed-methods research approach, combining both quantitative and
qualitative techniques to investigate the effects of risk management practices on the financial

performance of microfinance institutions (MFIs) in the Guraghe Zone, Ethiopia.

By combining the quantitative and qualitative approaches, the study provides a comprehensive
and nuanced understanding of the effects of risk management practices on the financial

performance of MFIs in the Guraghe Zone.

This mixed-methods approach aligns with the exploratory nature of the research problem and the
need to generate in-depth insights that can inform policy, regulatory, and institutional

interventions in the microfinance sector of the Guraghe Zone.
3.3 RESEARCH DESIGN

This study employed a cross-sectional research design to investigate the effects of risk
management practices on the financial performance of microfinance institutions (MFIs) in the
Guraghe Zone, Ethiopia. This design is well-suited for the research objectives, as it allows for
the collection and analysis of data from multiple MFIs at a specific point in time, providing a

snapshot of the current risk management-financial performance relationship.

From the perspective of data analysis, this study utilized a descriptive and explanatory research
design. The descriptive component aimed to describe the risk management practices employed
by MFIs in the Guraghe Zone and their corresponding levels of financial performance.
Furthermore, the study adopted an explanatory approach to investigate and explain the nature
and strength of the relationship between specific risk management practices and an indicator of

financial performance.
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3.4 DATA SOURCE AND TYPES

The study utilized both primary and secondary data sources to investigate the effects of risk
management practices on the financial performance of microfinance institutions (MFIs) in the

Guraghe Zone, Ethiopia.

The primary data was obtained from In-depth interviews were conducted with key stakeholders,
such as MFI managers, Senior Risk Management & Compliance Officers and Operational Risk
Management Officers etc to gather insights on the risk management practices, challenges, and

strategies employed by the MFIs in the Guraghe Zone.

On the other hand, the secondary data for this study was obtained from various sources,
including MFI Financial Statements and Reports. From these sources, audited financial

statements (e.g., balance sheets, income statements, cash flow statements were obtained.

The study collected and analyzed both quantitative and qualitative data to address the research

objectives.
3.5 METHOD OF DATA COLLECTION

The study collected financial and operational data from the participating MFls, including audited
financial statements, and annual reports. The data covered a recent ten-year period to allow for
the analysis of trends and the identification of any temporal relationships between risk

management practices and financial performance.

In-depth interviews were conducted with key stakeholders, such as MFI managers, Senior Risk
Management & Compliance Officers and Operational Risk Management Officers etc to gather
insights on the risk management practices, challenges, and strategies employed by the MFIs in
the Guraghe Zone. The interviews were guided by a semi-structured interview protocol to ensure

consistency while allowing for the exploration of emerging themes and issues.
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3.6 TARGET POPULATION AND SAMPLING

3.6.1. Target population

The target population for this study was all the registered MFIs operating in the Guraghe Zone,
as listed by the National Bank of Ethiopia (2024). According to the latest data from the National
Bank of Ethiopia (2024), there are currently 10 registered MFIs actively operating in the

Guraghe Zone.

The list of registered MFIs in the Guraghe Zone includes:
1. Omo Microfinance

2. Metemamen Microfinance
3. Vision fund Microfinance
4. Meklit Microfinance

5. Agar Microfinance

6. Liyu Microfinance

7. Aginot Microfinance

8. Kefeta Microfinance

9. Bilal Microfinance

10. Akufada Microfinance

These MFIs vary in terms of their size, age, geographical coverage, product offerings, and target

clientele, providing a diverse representation of the microfinance sector in the Guraghe Zone.

The study included 5 (five) of these MFIs in the study, subject to their willingness to participate

and the availability of the required data.
3.6.2 Sampling Design and Sampling Techniques

The researcher employed a purposive sampling technique to select a representative sample of the
MFIs based on criteria such as institutional size, age, market share, and willingness to participate
in the study. This helps to ensure that the selected MFIs are reflective of the diversity and
characteristics of the microfinance sector in the Guraghe Zone.
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The criteria for selecting the MFIs included, but were not limited to:
1. Market share or dominance in the Guraghe Zone

2. Geographical coverage and outreach within the Guraghe Zone

3. Product and service offerings (e.g., credit, savings, money transfer)

By employing this purposive sampling approach, the researcher was able to ensure that the

selected MFIs are representative of the microfinance sector in the Guraghe Zone.
3.7 MODEL SPECIFICATIONS TEST

To investigate the effects of risk management practices on the financial performance of
microfinance institutions (MFIs) in the Guraghe Zone, Ethiopia, the study employed a panel
least squares regression analysis. The general form of the regression model is expressed as
follows:

Financial Performance = f (Risk Management Practices)
Where:

- Financial Performance is the dependent variable, representing the financial performance of the
MFls.

- Risk Management Practices are the independent variables of interest, capturing various aspects

of risk management.
The financial performance of the MFIs was measured using an indicator - ROA:
Return on Assets (ROA):

- Definition: The ratio of net income to total assets, which measures the efficiency of the MFI

in using its assets to generate profits.
- Formula: ROA = Net Income / Total Assets

The key independent variables in the regression model were the various risk management

practices employed by the MFlIs, such as:

1. Credit Risk Management: Measures related to loan underwriting, collateral requirements, and

loan monitoring and recovery.
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2. Operational Risk Management: Measures related to the MFI's operational controls, systems,

and processes, such as the incidence of fraud, system failures, and operational losses.

3. Capital Adequacy: Measures related to the MFI's capital adequacy ratio, which reflect its

ability to absorb potential losses.

When analyzing panel data in financial studies, researchers typically consider two primary
estimation techniques: fixed effects models (FEM) and random effects models (REM). As
outlined by Wooldridge (2016), the selection between these models hinges on the nature of the
relationship between the entity-specific effects and the explanatory variables. To guide this
choice, a Hausman test was conducted, the results of which are detailed below. The random
effects model, in particular, operates under the assumption that entity-specific variations are
uncorrelated with the predictors, thereby allowing time-invariant variables to be included in the
analysis (Wooldridge, 2016). This approach differs from the fixed effects model, which treats
these variations as fixed and potentially correlated.

Table 1: Random Effect Test

Correlated Random Effects - Hausman Test
Equation: Untitled

Test cross-section random effects

Test Summary Chi-Sq. Statistic ~ Chi-Sq. d.f. Prob.

Cross-section random 4.072236 1 0.0436

To determine the most appropriate panel data estimation technique, a Hausman test was
employed, comparing the consistency and efficiency of fixed and random effects estimators. As
Greene (2018) elucidates, this test assesses whether the unobserved individual effects are
correlated with the regressors. The results of this test, presented in Table 3, reveal a Chi-square

statistic of 4.072236, with 1 degree of freedom, yielding a p-value of 0.0436.

The null hypothesis of the Hausman test posits that the random effects model is consistent and
efficient, suggesting no correlation between the individual effects and the regressors. In this

instance, the obtained p-value of 0.0436 falls below the conventional significance level of 0.05.
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This outcome necessitates the rejection of the null hypothesis. Consequently, the findings
indicate that the random effects model is not the preferred estimation method for this dataset.
This suggests that there is a significant correlation between the unobserved individual effects and
the regressors, implying that the fixed effects model, which accounts for such correlation, would
be more appropriate. Therefore, based on the Hausman test results, we conclude that fixed

effects estimation should be utilized for subsequent analyses.

Redundant Fixed Effects Tests:

Fixed effects models are employed to account for unobserved heterogeneity across entities by
controlling for time-invariant differences. As Baltagi (2021) notes, while this approach
effectively mitigates bias from omitted time-invariant variables, it precludes the investigation of
time-invariant causal factors. Conversely, a pooled regression, which assumes uniform intercepts
across entities, may overlook critical firm-specific heterogeneity. To evaluate the necessity of
incorporating fixed effects, a redundant fixed effects test was conducted, as suggested by Baltagi
(2021). This test assesses whether the inclusion of individual-specific intercepts significantly
improves model fit compared to a pooled regression. The outcomes of this test are summarized
in Table 2.

Table 2: Redundant fixed effect test

Redundant Fixed Effects Tests
Equation: Untitled

Test cross-section fixed effects

Effects Test Statistic d.f. Prob.
Cross-section F 9.846939 (4,44) 0.0000
Cross-section Chi-square 31.965592 4 0.0000
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The results presented in Table 2 demonstrate that the p-values associated with both the F-statistic
and the Chi-square statistic are effectively zero, indicating a strong rejection of the null
hypothesis that fixed effects are redundant. Consequently, the fixed effects model is deemed
more appropriate for this analysis. However, as noted by Wooldridge (2016), when the number
of time periods (T) is substantially larger than the number of cross-sectional units (N), the
parameter estimates from fixed and random effects models tend to converge. In such cases, the
choice often hinges on computational convenience. Given that our dataset comprises a relatively
large number of time periods compared to cross-sectional units, the fixed effects model offers a

computationally efficient approach to address firm-specific heterogeneity.

Furthermore, it is crucial to address the potential for endogeneity. As Wooldridge (2016)
explains, endogeneity arises when a regressor is correlated with the error term, often due to
omitted variables, measurement errors, or reverses causality. While ordinary least squares (OLS)
regression is susceptible to endogeneity bias, a fixed effects panel estimator provides a robust
alternative. By incorporating dummy variables to control for individual effects, the fixed effects
model effectively mitigates the impact of time-invariant omitted variables. Additionally,
Wooldridge (2016) suggests that when the focus is on drawing inferences about the specific
sample, and especially with smaller panel datasets, the fixed effects model tends to be more
efficient than the random effects model, which is better suited for generalizing to the broader

population.

Therefore, considering the statistical significance of the redundant fixed effects test, the
computational efficiency afforded by the fixed effects model in our dataset, and its ability to
address potential endogeneity concerns, we conclude that the fixed effects model is the preferred

estimation method for this study.
3.8 DATA ANALYSIS METHODS

The quantitative and qualitative data were analyzed using appropriate techniques to address the

research objectives.

The quantitative data was analyzed using statistical software, Eviews 10.
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The analysis involve descriptive statistics, correlation analysis, and regression modeling to
examine the relationship between the risk management practices (independent variables) and the

financial performance indicator i.e ROA (dependent variables) of the MFIs.

The interview transcripts were analyzed using thematic analysis. The researcher followed a
systematic process of coding, identifying themes, and interpreting the data to gain a deeper
understanding of the risk management practices, challenges, and strategies employed by the
MFlIs in the Guraghe Zone.

The quantitative and qualitative findings were integrated to provide a comprehensive
understanding of the effects of risk management practices on the financial performance of MFIs
in the Guraghe Zone. The researcher used techniques such as data triangulation and contextual

interpretation to combine the insights from both the quantitative and qualitative analyses.
3.9 ETHICAL CONSIDERATIONS

The researcher ensured that all participants provide informed consent before participating. This
involves clearly explaining the purpose of the research, the data collection methods, and the

potential risks and benefits associated with their involvement.

The researcher implemented robust measures to secure any sensitive or proprietary information
collected during the study and ensure that the data is used solely for the purposes of the research,

without being shared or accessed by unauthorized parties.

The researcher assessed and mitigated any potential risks or harm that the research activities may
pose to the participating microfinance institutions, their clients, or the broader Guraghe
community. This may include ensuring that the data collection methods do not disrupt the

normal operations of the institutions or compromise the privacy and security of the clients.

The researcher recognized the right of the microfinance institutions and their representatives to
withdraw from the study at any time, without any negative consequences. Participation should be
voluntary, and the researcher avoided coercing or unduly influencing the participants to provide

information or cooperate with the research.

The researcher strived for a representative sample of microfinance institutions in the Guraghe
zone, considering factors such as client demographics, and geographic coverage. Any form of

discrimination or bias in the selection of participants was avoided.
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3.10 VALIDITY AND RELIABILITY

The researcher established content validity by thoroughly reviewing the existing literature on risk
management practices and their impact on the financial performance of microfinance institutions,
both in the Ethiopian context and broader international settings. This helps develop a
comprehensive understanding of the relevant variables and their interrelationships. Construct
validity was enhanced by carefully defining and operationalizing the key constructs, such as risk
management practices and financial performance, to ensure that the measurement tools
accurately reflect the underlying theoretical concepts. Internal validity was strengthened by
employing appropriate research designs and statistical techniques that can establish the causal
relationships between the variables. To improve external validity, the researcher ensured that the

sample microfinance institutions is representative of the broader sector in the Guraghe zone.

The researcher focused on instrument reliability by designing data collection tools, such as
interview protocols, to ensure consistency and stability of the measurements. The researcher
established and maintained inter-rater reliability by implementing consistent coding and analysis
procedures among the research team members. Data reliability was improved by implementing
rigorous data management and quality control procedures to ensure the accuracy, completeness,
and consistency of the financial and operational data collected from the microfinance

institutions.
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CHAPTER FOUR

DATA PRESENTATION, ANALYSIS, AND DISCUSSION

This chapter examines the factors influencing the performance of Microfinance Institutions
(MFIs) in Guraghe Zone, Ethiopia, from 2015 to 2024. It begins with descriptive statistics,
providing an initial overview of the data. Subsequently, it explores the relationships between
variables through correlation analysis. Finally, the study uses regression techniques to determine
the specific determinants of MFI performance, aiming to provide a comprehensive understanding

of the forces shaping this critical aspect of the Ethiopian microfinance sector.

In this chapter, the researcher examines the determinants of MFI performance using annual
balanced panel data from five sample Microfinance Institutions in Guraghe Zone, Ethiopia, over
a ten-year period, spanning from 2015 to 2024. The selected MFIs are those operating within the
Guraghe Zone. The analysis of research findings and data was conducted using EViews 10. To
ensure the robustness of the results, relevant diagnostic tests for the classical linear regression
model assumptions were performed within Eviews 10 to identify and address any potential
econometric issues. This chapter now proceeds to present and analyze the data, beginning with
descriptive statistics, to understand the factors affecting MFI performance within the Guraghe

Zone context.

4.1. DESCRIPTIVE STATISTICS

The key descriptive characteristics of the variables, both dependent and explanatory, for the
MFIs in the sample are presented in Table 1. This table, based on 50 observations, outlines the
mean, standard deviation, and the limits (minimum and maximum) of each variable's

distribution.
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Table 3: Descriptive Statistics of the Variables

IT_SECURIT
FRAUD_INCY_EXPENDI
ROA PAR_RATIOLLP_RATIO IDENTS TURE

Mean 0.156528 8.066000 2.812000 1.960000 31.30000
Median 0.166196 7.900000 2.650000 1.500000 30.00000
Maximum 0.363660 12.50000 4.500000 7.000000 70.00000
Minimum 0.017679 4.800000 1.300000 0.000000 10.00000
Std. Dev. 0.091881 1.895280 0.837304 1.862191 13.53642
Skewness 0.079975 0.320780 0.328265 0.882361 0.853333
Kurtosis 2.228107 2.356970 2.128303 2.965752 3.559234

Jarque-Bera 1.294590 1.718930 2481011 6.490449 6.719694
Probability 0.523460 0.423388 0.289238 0.038960 0.034741

Sum 7.826377 403.3000 140.6000 98.00000 1565.000
Sum Sqg. Dev.  0.413668 176.0122 34.35280 169.9200 8978.500

Observations 50 50 50 50 50

Table 3 provides a descriptive overview of the key variables used to address the research
questions concerning risk management practices and financial performance within microfinance
institutions (MFIs) in the Guraghe Zone over the period 2015-2024. These initial statistics shed
light on the nature and extent of the risk management practices employed, hint at potential
challenges, and provide a preliminary context for understanding their relationship with financial

performance.

Regarding financial performance, as measured by Return on Assets (ROA), the average
profitability across the sampled MFIs was 15.65%, with considerable variation (standard

deviation of 9.19%) ranging from a low of 1.77% to a high of 36.37%. This wide range suggests
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that the effectiveness of various operational and strategic decisions, including risk management,
likely differs significantly among these institutions, warranting further investigation into the
factors driving this performance. The relatively symmetric distribution and approximate
normality of ROA data provide a suitable foundation for subsequent parametric statistical

analyses.

In terms of Portfolio at Risk (PAR_RATIO), a key indicator reflecting credit risk management
practices, the average of 8.07% suggests a moderate level of portfolio impairment. The variation
(standard deviation of 1.90%) indicates that some MFIs have notably better credit risk
management than others. The slight positive skew suggests that while most MFIs maintain
relatively low PAR ratios, a few experience higher levels of delinquency, potentially indicating

challenges in their credit assessment or monitoring processes.

The Loan Loss Provision (LLP_RATIO), another aspect of credit risk management, averaged
2.81%, with moderate dispersion (standard deviation of 0.84%). The range (1.30% to 4.50%)
points to different levels of conservatism in anticipating and accounting for potential loan losses,

which could be influenced by their risk assessment practices and regulatory requirements.

FRAUD_INCIDENTS, a measure of operational risk management effectiveness, averaged
approximately two incidents per year. The substantial standard deviation (1.86) and the positive
skew, coupled with the statistically significant deviation from normality, highlight significant
differences in the experience of fraud across the MFIs. The presence of MFIs with zero reported
incidents alongside those with up to seven suggests varying levels of vulnerability and the
effectiveness of their fraud prevention and detection mechanisms. This variability directly relates
to the types of operational risk management practices in place and the challenges in their

implementation.

Finally, IT_SECURITY_EXPENDITURE, a quantifiable aspect of operational risk management
investment, shows a mean of 31.30 thousand Birr with a large standard deviation (13.54). The
wide range (10.00 to 70.00 thousand Birr) and the positive skew, along with the deviation from
normality, indicate significant disparities in the resources allocated to securing information
systems. This could reflect varying awareness of IT-related risks, different financial capacities,
or diverse strategic priorities among the MFIs, potentially representing barriers to implementing
robust operational risk management.
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In conclusion, the descriptive statistics provide an initial glimpse into the financial performance
and risk management practices of MFIs in the Guraghe Zone. The observed variations in ROA,
PAR ratio, fraud incidents, and IT security expenditure suggest that the effectiveness and

implementation of risk management practices likely differ across these institutions.

4.2. CORRELATION ANALYSIS

As Field (2018) explains, the Pearson correlation coefficient quantifies the strength and direction
of linear relationships between two continuous variables, with values ranging from -1 (perfect
negative correlation) to +1 (perfect positive correlation), and 0 indicating no linear relationship.
The resulting correlation matrix, presented in Table 4, provides insights into the degree to which
these financial metrics co-vary.

Table 4: Correlation Matrix

IT_SECURIT
FRAUD_INCI Y_EXPENDI
ROA PAR_RATIO LLP_RATIO DENTS TURE
ROA 1.000000 -0.044583 0.170392 -0.015440 0.162241

PAR_RATIO  -0.044583 1.000000 -0.672326 0.919583 -0.470516
LLP_RATIO  0.170392 -0.672326 1.000000 -0.601766 0.767992
FRAUD_INC

IDENTS -0.015440 0.919583 -0.601766 1.000000 -0.482851
IT_SECURIT
Y_EXPENDI
TURE 0.162241 -0.470516 0.767992 -0.482851 1.000000

Table 4 presents the Pearson correlation matrix, quantifying the linear relationships between the
Return on Assets (ROA) and the selected risk management indicators: Portfolio at Risk
(PAR_RATIO), Loan Loss Provision (LLP_RATIO), Fraud Incidents (FRAUD_INCIDENTYS),
and IT Security Expenditure (IT_SECURITY_EXPENDITURE). As elucidated by Field (2018),
the correlation coefficients range from -1 to +1, indicating the strength and direction of these

linear associations.
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The correlation between ROA and PAR_RATIO is -0.045, suggesting a very weak negative
linear relationship. This implies that, across the pooled data, there is a negligible tendency for
MFIs with higher portfolio at risk to exhibit slightly lower profitability. However, the strength of

this association is minimal.

The correlation between ROA and LLP_RATIO is 0.170, indicating a weak positive linear
relationship. This suggests a slight tendency for MFIs with higher loan loss provision ratios to
experience somewhat higher profitability. This seemingly counterintuitive relationship might be
explained by MFIs with a better understanding of their risk profiles proactively setting aside
more provisions and also implementing other effective strategies that contribute to higher

returns.

The correlation between ROA and FRAUD_INCIDENTS is -0.015, revealing a virtually non-
existent linear relationship. This suggests that, in this pooled sample, the number of reported

fraud incidents has almost no linear association with the MFIs' profitability.

The correlation between ROA and IT_SECURITY_EXPENDITURE is 0.162, indicating a weak
positive linear relationship. This implies a slight tendency for MFIs that invest more in IT
security to exhibit somewhat higher profitability, potentially due to reduced operational

disruptions and enhanced efficiency.

Examining the correlations among the independent variables reveals several notable
relationships. There is a strong negative correlation between PAR_RATIO and LLP_RATIO (-
0.672), suggesting that MFIs with a higher proportion of their portfolio at risk tend to have lower
loan loss provision ratios. This could indicate a less conservative approach to provisioning when
facing higher delinquency, or potentially a lagged effect where provisions are increased after

delinquency becomes more pronounced.

A very strong positive correlation exists between PAR_RATIO and FRAUD_INCIDENTS
(0.920), indicating that MFIs experiencing higher levels of portfolio at risk also tend to report a
greater number of fraud incidents. This could suggest underlying weaknesses in internal controls

that contribute to both credit and operational risks.
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There is a strong negative correlation between LLP_RATIO and FRAUD_INCIDENTS (-0.602),
implying that MFIs with higher loan loss provision ratios tend to report fewer fraud incidents.
This might suggest that stronger risk management practices, reflected in higher provisioning, are

also associated with better fraud prevention.

A strong positive  correlation is  observed between LLP_RATIO and
IT_SECURITY_EXPENDITURE (0.768), suggesting that MFIs that set aside more for potential
loan losses also tend to invest more in IT security. This could indicate a general inclination

towards robust risk management across different domains within these institutions.

Finally, there is a moderate negative correlation between PAR_RATIO and
IT_SECURITY_EXPENDITURE (-0.471), suggesting that MFIs with higher portfolio at risk
tend to invest less in IT security. This could indicate a potential misallocation of resources or a
prioritization of immediate credit risk concerns over longer-term operational risk mitigation. The
moderate negative correlation between FRAUD_INCIDENTS and
IT_SECURITY_EXPENDITURE (-0.483) also suggests that MFIs with more fraud incidents

tend to invest less in IT security, highlighting a potential area for intervention.

In summary, the correlation matrix reveals generally weak linear relationships between the risk
management indicators and ROA in this pooled data. However, it highlights stronger inter-
correlations among the risk management variables themselves, suggesting potential underlying
factors that influence multiple aspects of risk management within these MFIs. These bivariate
relationships provide a preliminary understanding and warrant further investigation through
multivariate regression analysis to isolate the independent effects of these risk management

practices on financial performance while controlling for other factors.

4.3. MODEL DIAGNOSIS

This section details the diagnostic tests performed to assess the validity of the classical linear
regression model (CLRM) assumptions, specifically focusing on zero mean errors,
heteroskedasticity, autocorrelation, normality, and multicollinearity. Ensuring these assumptions

are met is crucial, as their violation can lead to biased and unreliable regression results
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(Wooldridge, 2016). Consequently, the data underwent rigorous testing to confirm adherence to

these fundamental requirements.

Zero Mean Errors: A foundational assumption of the CLRM is that the expected value of the
error terms is zero. In practice, this assumption is inherently satisfied when a constant term
(intercept) is included in the regression model (Wooldridge, 2016). This study incorporated an
intercept, thereby automatically fulfilling this condition. Including an intercept also mitigates
potential issues such as negative R-squared values and biases in the slope coefficient estimates,

ensuring the robustness of the regression results.

Heteroskedasticity: The CLRM assumes homoscedasticity, meaning the error terms exhibit
constant variance. Heteroskedasticity, the violation of this assumption, can lead to inaccurate
standard errors, rendering statistical inferences unreliable. To detect and address
heteroskedasticity, a White's test was conducted. According to Wooldridge (2016), if the p-
values associated with the F-statistic, Observed R-squared, and Scaled explained SS in the
White's test exceed the conventional significance level of 0.05, the assumption of
homoscedasticity is upheld. Conversely, if any of these p-values fall below 0.05, it indicates the

presence of heteroskedasticity, necessitating remedial measures.
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Table 5: Heteroskedasticity Test: White

Panel Period Heteroskedasticity LR Test

Null hypothesis: Residuals are homoscedastic

Equation: UNTITLED

Specification: ROA PAR_RATIO LLP_RATIO FRAUD_INCIDENTS
IT_ SECURITY_EXPENDITURE C

Value df Probability
Likelihood ratio 4.415768 5 0.4912

LR test summary:

Value df
Restricted LogL 50.04682 45
Unrestricted LogL 52.25471 45

Source: Researcher’s own computation using Eviews 10

Table 5 presents the results of the White's heteroskedasticity test, employing the Likelihood
Ratio (LR) test, to assess the assumption of homoscedasticity within our panel data regression
model. The LR statistic obtained is 4.416, with 5 degrees of freedom. This yields a
corresponding probability (p-value) of 0.4912.

The null hypothesis of the White's test posits that the variance of the error terms is constant
across all observations, a condition known as homoscedasticity. In this instance, the calculated p-
value of 0.4912 is considerably higher than the commonly used significance level of 0.05.
Consequently, based on this statistical evidence, we fail to reject the null hypothesis of

homoscedasticity.

Therefore, we conclude that the White's test does not provide statistically significant evidence of
heteroskedasticity in our panel data model. The assumption of homoscedasticity, which implies
that the variance of the error terms is consistent across the sampled microfinance institutions and
over the observed time period, is upheld. This suggests that the standard errors estimated in our
regression analysis are likely to be reliable, and statistical inferences drawn from these standard

errors can be considered valid.
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Normality Test

In the context of regression analysis, verifying the normality of the residuals is a critical step to
ensure the reliability of statistical inferences. As Field (2018) elucidates, the normality
assumption underlies many statistical tests, and its violation can compromise the validity of
hypothesis testing and parameter estimation. To this end, the Jarque-Bera test was employed to
assess the normality of the residuals from our regression model. The results of this test are

presented in Table 6, providing insights into the distributional properties of the residuals.

Table 6: Normality Test

10
Series: Standardized Residuals
] Sample 2015 2024
8 — Observations 50
Mean 1.11e-18
6 ] Median -0.008677
] Maximum 0.234346
Minimum -0.153296
4 Std. Dev. 0.089836
Skewness 0.393768
5 Kurtosis 3.011133
T’ ] Jarque-Bera  1.292365
04— | ‘ Probability 0.524042

-0.15 -0.10 -0.05 0.00 0.05 0.10 0.15 0.20 0.25

Source: Researcher’s own computation using Eviews 10

The Jarque-Bera test, which assesses whether the skewness and kurtosis of a sample distribution
match those of a normal distribution, yielded a statistic of 1.295. The corresponding probability
(p-value) of 0.5235 is substantially greater than the conventional significance level of 0.05. This
outcome indicates that we fail to reject the null hypothesis of normality, suggesting that the

residuals do not exhibit a statistically significant departure from a normal distribution.

Further inspection of the residual distribution reveals a skewness value of 0.080, indicating a
minor positive asymmetry, with a slight elongation of the right tail. The kurtosis value of 2.228

suggests a platykurtic distribution, characterized by flatter peaks and thinner tails compared to a
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standard normal distribution. Although these values point to slight deviations from perfect
normality, the statistically insignificant Jarque-Bera test result provides strong evidence
supporting the assumption of normality for the residuals. Furthermore, the mean of the residuals,
-0.038, is close to zero, which is another desirable property of well-behaved residuals in a
regression model. In conclusion, despite minor imperfections in the shape of the residual
distribution as indicated by the skewness and kurtosis values, the Jarque-Bera test confirms that
the residuals are sufficiently normally distributed for the purposes of our regression analysis,

thereby bolstering the reliability of the statistical inferences drawn from the model.
Multicollinearity Test:

Multicollinearity, a condition characterized by substantial correlations among independent
variables within a regression model, poses a significant challenge to the reliability of statistical
inferences. As noted by Wooldridge (2016), the presence of multicollinearity leads to inefficient
parameter estimates and inflated standard errors, thereby undermining the accuracy of coefficient
values and their corresponding signs. Following the guidelines suggested by Wooldridge (2016),
a correlation coefficient exceeding 0.8 is generally considered indicative of a problematic level
of multicollinearity.

Table 7: Correlation Matrix between Independent Variables

FRAUD_INCID IT_SECURITY_

LLP_RATIO  PAR_RATIO ENTS  EXPENDITURE
LLP_RATIO 1.000000 -0.672326 -0.601766 0.567992
PAR_RATIO -0.672326 1.000000 0.519583 -0.470516
FRAUD_INCID

ENTS -0.601766 0.519583 1.000000 -0.482851
IT_SECURITY_

EXPENDITUR

E 0.567992 -0.470516 -0.482851 1.000000

Source: Researcher’s own computation using Eviews 10
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To assess the potential for multicollinearity among the independent variables—Loan Loss
Provision Ratio (LLP_RATIO), Portfolio at Risk Ratio (PAR_RATIO), Fraud Incidents
(FRAUD_INCIDENTS), and IT Security Expenditure (IT_SECURITY_EXPENDITURE)—we
examined their pairwise correlations presented in Table 7. The correlation matrix revealed a
correlation coefficient of -0.672 between LLP_RATIO and PAR_RATIO, indicating a
moderately strong negative linear relationship. The correlation between PAR_RATIO and
FRAUD_INCIDENTS was 0.520, suggesting a moderate positive linear relationship. The
correlation between LLP_RATIO and FRAUD_INCIDENTS was -0.602, indicating a strong
negative linear  relationship. The correlation between LLP_RATIO  and
IT_SECURITY_EXPENDITURE was 0.568, suggesting a moderate positive linear relationship.
Finally, the correlations between PAR_RATIO and IT_SECURITY_EXPENDITURE (-0.471),
and between FRAUD_INCIDENTS and IT_SECURITY_EXPENDITURE (-0.483), indicated
moderate negative linear relationships. While a correlation of 1 or -1 would signify perfect
multicollinearity, and a correlation of O would indicate no linear relationship, the observed
correlations suggest moderate to strong associations but do not reach levels typically indicative
of severe multicollinearity that would significantly distort our regression results. The strongest
correlation observed is between LLP_RATIO and PAR_RATIO (-0.672), suggesting a
substantial but not critical overlap in their variance. Therefore, based on these correlation
coefficients, there is no strong evidence of multicollinearity that would significantly distort our
regression results, although the moderate to strong associations warrant careful interpretation of

individual coefficient estimates.

Upon comprehensive evaluation of the diagnostic tests, encompassing assessments for
homoscedasticity, normality, and multicollinearity, the results consistently affirmed that the
employed regression model remained robust against potential violations of the Classical Linear
Regression Model (CLRM) assumptions. The absence of significant heteroscedasticity, coupled
with the confirmation of normally distributed residuals and the lack of substantial
multicollinearity among independent variables, collectively indicate that the essential conditions
for Best Linear Unbiased Estimators (BLUE) were adequately satisfied. Consequently, the
model's reliability and the validity of its derived inferences are strongly supported by these
diagnostic outcomes, ensuring that the regression analysis is both statistically sound and

practically meaningful.
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4.4, REGRESSION RESULTS AND ANALYSIS

This section details the empirical findings derived from a panel least squares regression analysis,
specifically designed to investigate the factors influencing Return on Assets (ROA) across a
sample of five distinct cross-sectional units over a comprehensive ten-year period, spanning from
2015 to 2024.

Table 8: Regression Analysis

Dependent Variable: ROA
Method: Panel Least Squares
Sample: 2015 2024

Periods included: 10
Cross-sections included: 5

Total panel (balanced) observations: 50

Variable Coefficient Std. Error t-Statistic Prob.

C 0.122026 0.115364 1.057754 0.2964
PAR_RATIO 0.015278 0.016763 0.911429 0.3674
LLP_RATIO -0.026458 0.037995 -0.696358 0.4901
FRAUD_INCIDENTS -0.018176 0.015789 -1.151220 0.2563

IT_SECURITY_EXPENDITURE  0.000680 0.001336 0.509211 0.6133

Effects Specification

Cross-section fixed (dummy variables)

R-squared 0.649996 Mean dependent var 0.156528
Adjusted R-squared 0.581703 S.D. dependent var 0.091881
S.E. of regression 0.059425 Akaike info criterion -2.646649
Sum squared resid 0.144785 Schwarz criterion -2.302485
Log likelihood 75.16624 Hannan-Quinn criter. -2.515590
F-statistic 9.517694 Durbin-Watson stat 1.113252
Prob(F-statistic) 0.000000
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The results of the panel least squares regression analysis, with Return on Assets (ROA) as the
dependent variable, provide insights into the relationship between several risk management
practices and the financial performance of the five selected microfinance institutions (MFIs) over
the period from 2015 to 2024. The model, which includes cross-section fixed effects to account
for time-invariant unobserved heterogeneity specific to each MFI, utilized a balanced panel
dataset consisting of 50 observations. The overall fit of the model is reasonably good, as
indicated by an R-squared value of approximately 0.65, suggesting that about 65% of the
variation in ROA can be explained by the included risk management variables (PAR_RATIO,
LLP_RATIO, FRAUD_INCIDENTS, and IT_SECURITY_EXPENDITURE) after accounting
for MFI-specific fixed effects. The adjusted R-squared of around 0.58 further supports this,
considering the degrees of freedom used in the model. The F-statistic of 9.52 is highly significant
(Prob(F-statistic) = 0.0000), indicating that the overall model is statistically significant and that

the independent variables, considered together, have a significant impact on ROA.

Examining the individual coefficients of the risk management variables, none of them
demonstrate a statistically significant relationship with ROA at the conventional 5% significance
level (p-values for all independent variables are greater than 0.05). Specifically, the coefficient
for PAR_RATIO is positive (0.0153), suggesting that, counterintuitively, a higher portfolio at
risk is associated with a slightly higher ROA, although this relationship is not statistically
significant. This could imply that, within this specific sample and after controlling for other
factors and MFI-specific characteristics, the level of past-due loans does not significantly deter
profitability. The coefficient for LLP_RATIO is negative (-0.0265), indicating that a higher loan
loss provision ratio is associated with a lower ROA, which aligns with the expectation that
setting aside more funds for potential losses would reduce reported profits, although again, this
effect is not statistically significant. The number of FRAUD_INCIDENTS also shows a negative
coefficient (-0.0182), suggesting that more fraud incidents are associated with lower ROA, as
expected due to direct losses and operational disruptions, but this relationship is also not
statistically significant in this model. Finally, the coefficient for
IT_SECURITY_EXPENDITURE is positive but very small (0.00068) and statistically
insignificant, implying that higher spending on IT security does not have a statistically

discernible impact on ROA within this analysis.

49



The constant term (C) has a coefficient of 0.1220, which represents the estimated ROA when all
independent variables are zero, holding the MFI-specific fixed effects constant. However,
interpreting the constant in a fixed effects model should be done cautiously as it is conditional on
the omitted dummy variable category. The Durbin-Watson statistic of 1.11 suggests the presence
of potential positive autocorrelation in the residuals, which could affect the efficiency of the
coefficient estimates and should be further investigated if this were a primary concern of the
analysis. In summary, while the model as a whole is statistically significant in explaining the
variation in ROA, none of the individual risk management practices, as measured by
PAR_RATIO, LLP_RATIO, FRAUD_INCIDENTS, and IT_SECURITY_EXPENDITURE,
show a statistically significant direct relationship with ROA in this fixed effects panel regression
for the selected five MFIs over the specified period. This suggests that other factors, potentially
captured by the MFI-specific fixed effects or other unincluded variables, might be more

influential in determining their financial performance.

4.5. ANALYSIS OF INTERVIEW RESPONSES

I) Credit Risk Management:

One of the MFI Managers responded that their loan underwriting process involves a
comprehensive assessment of the applicant's creditworthiness. "We consider factors such as their
income sources, existing debt obligations, repayment history, and collateral or guarantees
available. We also evaluate the purpose of the loan and the potential cash flow it can generate to
ensure the borrower's ability to repay. Our aim is to strike a balance between prudent risk

management and providing access to finance for our target low-income clientele.”

The Risk Management Officer explained that they have a range of collateral requirements in
place, including personal guarantees, household assets, and in some cases, group-based joint
liability. "While these requirements help mitigate credit risk, we are also mindful of the potential
impact on accessibility for low-income borrowers. To address this, we've introduced more
flexible collateral options, such as accepting household items or allowing group-based lending
approaches. This helps us reach underserved populations while maintaining a reasonable level of

risk protection."
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Another MFI Manager described their loan monitoring and recovery procedures, stating, "Our
loan monitoring and recovery procedures involve regular field visits, payment tracking, and early
intervention for delinquent loans. We have a dedicated team that closely monitors loan
repayments and works closely with borrowers to understand any challenges they may be facing.
In cases of delinquency, we first try to work with the borrower to restructure the loan or provide
additional support before resorting to more formal recovery measures. Maintaining strong

relationships with our clients is a key part of our delinquency management approach.”

The Risk Management Officer acknowledged the challenges in credit risk management, stating,
"One of the key challenges we face is the limited availability of reliable credit information and
financial data on our target clientele, who are often low-income and lack formal credit histories.
This makes it more difficult to accurately assess their creditworthiness. In addition, unexpected
shocks, such as weather events or health emergencies, can significantly impact our borrowers'
ability to repay, leading to increased delinquencies. Adapting our risk management practices to

these dynamic conditions is an ongoing challenge.”

Regarding aligning credit risk management with client needs, an MFI Manager explained, "To
align our credit risk management practices with the needs and characteristics of our low-income
and underserved clientele, we have implemented several strategies. First, we provide financial
literacy training to help our clients understand credit concepts and manage their finances more
effectively. We also offer flexible loan repayment schedules and grace periods to accommodate
their unique cash flow patterns. Additionally, we work closely with community-based
organizations to better understand the specific challenges faced by our target population and

tailor our products and services accordingly."
I1) Operational Risk Management:

The Risk Management Officer outlined the institution's operational risk management framework,
stating, "Our institution has a robust operational risk management framework in place, which
includes well-defined policies, procedures, and internal controls. We have segregation of duties,
dual-authorization requirements, and comprehensive audit trails to mitigate the risk of errors or
unauthorized activities. Our information systems are designed with multiple layers of security,
and we have business continuity and disaster recovery plans to ensure the reliability and
resilience of our operations.”
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One MFI Manager discussed their fraud prevention and detection measures, explaining, "Fraud
prevention and detection are top priorities for us. We have implemented various measures, such
as regular staff training on fraud awareness, surprise audits, and automated transaction
monitoring systems. When instances of fraud are suspected, we have a well-defined investigation
process that involves thorough reviews, root cause analysis, and appropriate disciplinary actions.
We also report any significant fraud incidents to the relevant authorities and work closely with

them to address the issue and prevent future occurrences."

The Risk Management Officer elaborated on the institution's efforts to ensure information
systems reliability and risk management, stating, "Ensuring the reliability and resilience of our
information systems is a critical aspect of our operational risk management. We have invested in
robust IT infrastructure, including backup systems, regular software updates, and comprehensive
cybersecurity measures. Our IT team also conducts regular risk assessments and implements
mitigation strategies to address potential vulnerabilities, such as system failures, data breaches,
or cyber-attacks. We have developed detailed incident response and business continuity plans to

ensure minimal disruption to our operations in the event of any system-related incidents."

Regarding operational loss events and adaptations, an MFI Manager shared, "While we strive to
maintain a strong operational risk management framework, we have experienced some
operational loss events in the past, such as instances of employee theft and branch office break-
ins. In response to these incidents, we have enhanced our internal controls, improved physical
security measures, and implemented more rigorous employee screening and training procedures.
We have also increased our investment in technology-driven solutions, such as biometric
authentication and CCTV surveillance, to enhance the overall security of our operations. The
lessons learned from these past events have been instrumental in strengthening our operational

risk management practices."

The Risk Management Officer explained the approach to monitoring the effectiveness of the
operational risk management framework, stating, "We have a comprehensive approach to
assessing and monitoring the effectiveness of our operational risk management framework. We
utilize a range of key performance indicators, such as the frequency and severity of operational
loss events, the timeliness of incident response, and the level of staff compliance with established

policies and procedures. We also conduct regular internal audits and risk assessments to identify
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areas for improvement. The findings from these evaluations are then used to refine our
operational controls, update training programs, and allocate resources more effectively to address

the most significant operational risks."

Finally, an MFI Manager highlighted the significant operational risks and resource allocation,
noting, "Some of the most significant operational risks we face include cybersecurity threats,
technology failures, and human errors or misconduct. To address these risks, we have prioritized
investments in robust information security measures, regular system upgrades, and
comprehensive staff training programs. We have also established a dedicated operational risk
management committee that regularly reviews our risk profile, sets risk appetite thresholds, and
guides the allocation of resources to address the most critical operational risks. This holistic
approach helps us maintain a resilient and adaptable operational risk management strategy that

supports the overall sustainability and performance of our microfinance institution."”

4.6. DISCUSSION OF FINDINGS

This study explored the risk management practices and financial performance of Microfinance
Institutions (MFIs) in the Guraghe Zone of Ethiopia through a mixed-methods approach. The
descriptive statistics and interview data revealed that these MFIs employ various credit risk
management strategies, including thorough loan assessments considering borrowers' financial
capacity and utilizing diverse collateral options tailored to their low-income clientele. They also
implement active loan monitoring and recovery systems. For operational risk, the MFIs have
established governance frameworks with clear policies and internal controls, prioritize fraud
prevention through training and monitoring, and invest in IT infrastructure for operational
resilience, aligning with established risk management principles in the microfinance sector

(Basel Committee on Banking Supervision, 2006).

However, the implementation of effective risk management faces challenges. A significant
barrier in credit risk management is the limited availability of reliable credit history for the target
demographic, a constraint frequently documented in studies of MFIs operating in similar
economic contexts (Debre & Getahun, 2018). The vulnerability of borrowers to external
economic and environmental shocks also complicates repayment capacity. While specific

operational risk implementation barriers were not extensively detailed quantitatively, the
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observed disparities in IT security expenditure suggest potential variations in resource allocation

or awareness among MFIs.

The quantitative analysis, using the Portfolio at Risk Ratio (PAR_RATIO) as an indicator of
credit risk management, did not demonstrate a statistically significant direct relationship with
Return on Assets (ROA). This contrasts with findings from other studies that have indicated a
negative correlation between higher portfolio risk and MFI profitability (Hermes et al., 2011).
The insignificant positive association observed in this study suggests a potentially more intricate
relationship within the Guraghe Zone context, possibly influenced by other unexamined factors.
Similarly, operational risk, proxied by Fraud Incidents and IT Security Expenditure, did not
show a statistically significant direct impact on ROA. While the negative (though insignificant)
coefficient for fraud aligns with the expected negative impact of losses, the insignificant positive
coefficient for IT security investment suggests that its direct impact on profitability was not
evident in this sample, differing from the anticipated benefits of robust operational risk

management on financial outcomes (Olson & Zoubi, 2017).

In conclusion, this research identified the risk management practices and challenges faced by
MFIs in the Guraghe Zone. However, the direct impact of the measured credit and operational
risk indicators on financial performance was not statistically significant in the quantitative
analysis, contrasting with some prior research. This suggests that the interplay between risk
management and financial performance in this specific setting may be more complex and

influenced by contextual factors not directly evaluated.
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CHAPTER FIVE

SUMMARY, CONCUSION AND RECOMMENDATIONS

This chapter summarizes the research findings in relation to the study's objectives, presents the

conclusions, and offers recommendations for addressing the identified issues.
5.1. SUMMARY OF MAJOR FINDINGS

The key findings of this study, derived from the quantitative analysis and qualitative interviews,

are as follows:

The descriptive statistics provided an overview of the risk management indicators and
financial performance. MFls in the Guraghe Zone exhibited an average Return on Assets
(ROA) of 15.65% with significant variability. The average Portfolio at Risk Ratio
(PAR_RATIO) was 8.07%, indicating a moderate level of credit risk. The mean Loan
Loss Provision Ratio (LLP_RATIO) was 2.81%, reflecting the average level of
provisions for potential losses. Fraud Incidents averaged approximately two per year with
substantial variation, and IT Security Expenditure averaged 31.30 thousand Birr, also
with considerable dispersion. These statistics highlight the diverse landscape of risk
management practices and financial outcomes among the sampled MFIs.

Qualitative data further elucidated the types of risk management practices. MFIs reported
employing comprehensive credit risk assessment processes, flexible collateral
requirements, and proactive loan monitoring. Their operational risk management
included established control frameworks, fraud prevention measures, and investments in
IT security for operational resilience.

The correlation analysis revealed generally weak linear relationships between the
individual risk management indicators (PAR_RATIO, LLP_RATIO,
FRAUD_INCIDENTS, IT_SECURITY_EXPENDITURE) and ROA. This suggests
limited bivariate linear association between these specific risk measures and profitability
in the pooled data.

However, the correlation matrix highlighted notable associations among the risk
management variables. A strong positive correlation (0.920) between PAR_RATIO and
FRAUD _INCIDENTS suggests that MFIs with higher portfolio risk tend to experience
more fraud incidents. A strong negative correlation (-0.672) between PAR_RATIO and
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LLP_RATIO indicates that MFIs with higher portfolio risk tend to have lower loan loss
provision ratios. A strong positive correlation (0.768) between LLP_RATIO and
IT_SECURITY_EXPENDITURE suggests that MFIs with higher provisions tend to
invest more in IT security. These inter-correlations indicate potential underlying factors
influencing multiple risk management dimensions.

The panel least squares regression analysis, controlling for MFI-specific fixed effects,
found that none of the individual risk management indicators (PAR_RATIO,
LLP_RATIO, FRAUD_INCIDENTS, IT_SECURITY_EXPENDITURE) had a
statistically significant direct relationship with ROA at the conventional 5% significance
level. Specifically, the insignificant positive coefficient for PAR_RATIO (proxy for
credit risk management) suggests that, after controlling for other factors and MFI-specific
characteristics, higher portfolio at risk did not significantly impact ROA. Similarly, the
insignificant  coefficients  for LLP_RATIO, FRAUD _INCIDENTS, and
IT_SECURITY_EXPENDITURE (proxies for operational risk management) indicate no
statistically discernible direct linear influence of these measures on ROA within this
model for the selected MFIs and period.

The interview responses identified key challenges in implementing effective risk
management. A significant barrier in credit risk management was the limited availability
of reliable credit information for the target low-income clientele. The vulnerability of
borrowers to external shocks was also highlighted as a factor complicating credit risk
management. While not explicitly quantified, these challenges likely influence the
effectiveness of the credit risk management practices and potentially contribute to the
insignificant regression results.

In summary, the study provided a descriptive overview of risk management practices in
MFIs in the Guraghe Zone and identified key implementation challenges. However, the
inferential analysis revealed no statistically significant direct linear relationships between
the measured credit and operational risk indicators and financial performance (ROA) in
the panel regression model. This indicates a potentially more complex interplay of factors
influencing MFI profitability in this context, warranting further investigation into other

variables and potential non-linear relationships.
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5.2. CONCLUSION

The study concluded that MFIs in the Guraghe Zone employ a range of risk management
practices encompassing both credit and operational risks. These include comprehensive loan
underwriting processes, varied collateral requirements, proactive loan monitoring for credit risk,
and established operational risk frameworks with fraud prevention measures and IT security

investments.

It is concluded that MFIs in the Guraghe Zone face key challenges in implementing effective risk
management practices. Specifically, the limited availability of reliable credit information for
their target clientele poses a significant barrier to robust credit risk assessment. Furthermore, the

vulnerability of borrowers to external shocks complicates the management of credit risk.

The study revealed that, contrary to some prior research, the specific measure of credit risk
management employed (PAR_RATIO) did not exhibit a statistically significant direct linear
relationship with the financial performance (ROA) of the MFIs in the panel regression analysis.
This suggests that within the context of the Guraghe Zone and the employed model, the direct

impact of portfolio at risk on profitability was not statistically significant.

The study also concluded that the specific proxies used for operational risk management
(FRAUD_INCIDENTS and IT_SECURITY_EXPENDITURE) did not demonstrate a
statistically significant direct linear relationship with the financial performance (ROA) of the
MFIs in the panel regression analysis. This indicates that, within the framework of this study, the
direct impact of these measured aspects of operational risk management on profitability was not

statistically significant.
5.3. RECOMMENDATIONS

Based on the conclusions drawn from this study, the following recommendations are proposed to

enhance risk management practices and financial performance within MFIs in the Guraghe Zone:

1) MFIs should delve deeper into more nuanced and comprehensive credit risk management
strategies. This includes investing in improved access to reliable credit information
through collaborations with local entities and exploring alternative credit assessment

models tailored to the specific financial profiles of low-income borrowers.
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2) MFIs should prioritize targeted investments in robust information systems and
comprehensive cybersecurity measures to mitigate operational risks. Implementing
regular risk assessments, coupled with tailored staff training on fraud prevention and IT
security protocols, alongside well-defined incident response and business continuity
plans, is essential for enhancing operational resilience.

3) MFIs should actively pursue strategic partnerships with government agencies, local
community organizations, and potentially explore the feasibility of establishing or
utilizing shared credit information platforms.

4) MFIs should adopt a broader perspective on financial performance drivers. This includes
exploring diversified revenue streams beyond traditional lending, such as fee-based

services or offering complementary financial products.
5.4. SUGGESTIONS FOR FURTHER STUDIES

Building upon the findings and limitations of this study, several avenues for future research
warrant consideration. Firstly, given the lack of statistically significant direct linear relationships
between the specific risk management indicators and financial performance (ROA) in the
regression analysis, future studies could explore more nuanced and potentially non-linear
relationships. Investigating interaction effects between different risk management practices, or
examining the role of mediating variables such as institutional governance or the broader
macroeconomic environment, could provide a more comprehensive understanding of how risk

management ultimately impacts MFI profitability in the Guraghe Zone.

Secondly, the study's reliance on quantitative proxies for risk management practices, while
providing measurable insights, could be complemented by more in-depth qualitative studies.
Longitudinal case studies of individual MFIs, exploring the evolution of their risk management
strategies and their corresponding financial performance over time, could offer richer contextual

understanding and identify best practices in risk management implementation.

Furthermore, future research could expand the geographical scope to include a larger and more
diverse sample of MFIs across Ethiopia or the broader East African region. This would enhance
the generalizability of the findings and allow for comparative analyses of risk management
practices and their impact on financial performance across different institutional and economic

contexts.
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Finally, considering the challenges identified in accessing reliable credit information, future
studies could explore the feasibility and impact of innovative solutions for credit risk assessment
in the Ethiopian microfinance sector. This could include investigating the potential of alternative
data sources, mobile technology-based assessments, or community-based risk scoring models to

improve credit decisions and ultimately influence financial performance.
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ANNEXES

ANNEX I: RAW DATA

MFI ID Year ROA PAR_Rati | LLP_R | Fraud_I | IT_Security

0 atio ncidents | _Expenditur
e
OMO 2015 0.0316 8.5 2 2 15
OMO 2016 0.0249 7.8 2.2 1 18
OMO 2017 0.0213 9.1 1.9 3 20
OMO 2018 0.0177 6.5 2.5 0 25
OMO 2019 0.0353 7 2.3 1 28
OMO 2020 0.0317 10.2 3 4 30
OMO 2021 0.0244 95 2.8 2 35
OMO 2022 0.0372 8 2.6 1 40
OMO 2023 0.0399 7.2 2.7 0 45
OMO 2024 0.0327 6.8 2.9 1 50
VISION 2015 0.1460 6 3.5 0 25
VISION 2016 0.2098 5.5 3.8 0 30
VISION 2017 0.2540 6.2 3.6 1 35
VISION 2018 0.2292 4.8 4 0 40
VISION 2019 0.2291 5 3.9 0 45
VISION 2020 0.2008 7.5 4.5 2 50
VISION 2021 0.2421 7 4.3 1 55




VISION 2022 0.2539 6.3 4.1 60
VISION 2023 0.2487 5.8 4.2 65
VISION 2024 0.2320 5.2 4.4 70
MEKLIT 2015 0.3514 9.5 1.8 12
MEKLIT 2016 0.3637 8.9 2 15
MEKLIT 2017 0.3005 10.5 1.6 18
MEKLIT 2018 0.2729 7.5 2.3 22
MEKLIT 2019 0.0652 8 2.1 25
MEKLIT 2020 0.0198 115 2.8 28
MEKLIT 2021 0.2499 10.8 2.6 32
MEKLIT 2022 0.1963 9 2.4 35
MEKLIT 2023 0.1887 8.2 2.5 38
MEKLIT 2024 0.2504 7.8 2.7 40
METEMAMEN 2015 0.0956 10.1 1.5 10
METEMAMEN 2016 0.1187 9.5 1.7 12
METEMAMEN 2017 0.1729 11 1.3 15
METEMAMEN 2018 0.1931 8.8 2 20
METEMAMEN 2019 0.1963 9.2 1.8 22
METEMAMEN 2020 0.2108 125 2.5 25
METEMAMEN 2021 0.1225 11.8 2.3 28
METEMAMEN 2022 0.1418 10.5 2.1 30
METEMAMEN 2023 0.2246 9.8 2.2 33
METEMAMEN 2024 0.2058 9 2.4 35




AGGAR 2015 0.1280 7 2.8 18
AGGAR 2016 0.1209 6.5 3 20
AGGAR 2017 0.1156 7.8 2.6 22
AGGAR 2018 0.1172 5.5 3.3 25
AGGAR 2019 0.0749 6 3.1 28
AGGAR 2020 0.1731 8.5 3.8 30
AGGAR 2021 0.1595 8 3.6 33
AGGAR 2022 0.1258 7.2 3.4 35
AGGAR 2023 0.1422 6.8 3.5 38
AGGAR 2024 0.1860 6.2 3.7 40




ANNEX I1: INTERVIEW QUESTIONS

Interview Questions for MFI Managers and Risk Management Officers

Credit Risk Management:

1.

Can you describe your institution's loan underwriting process? What factors do you
consider when assessing the creditworthiness of loan applicants?

What types of collateral or security requirements do you have in place for your loan
products? How do these collateral requirements affect the accessibility of your services to
low-income borrowers?

Can you walk me through your loan monitoring and recovery procedures? How do you
identify and manage delinquent loans?

What are some of the key challenges you face in effectively managing credit risk within
your microfinance institution?

How do you ensure that your credit risk management practices are aligned with the needs
and characteristics of your target clientele, particularly the low-income and underserved

populations?

Operational Risk Management:

6.

Can you explain the key operational controls, systems, and processes that your institution
has in place to mitigate operational risks?

What measures do you have to prevent and detect fraud within your organization? How
do you investigate and address any instances of fraud that may occur?

How do you ensure the reliability and resilience of your institution's information systems
and technology infrastructure? What measures do you have in place to manage the risk of
system failures or disruptions?

Can you share any examples of operational loss events that your institution has
experienced, and how you have adapted your risk management practices in response to

these incidents?



10. How do you assess and monitor the effectiveness of your operational risk management
framework? What key performance indicators or metrics do you use to evaluate the
strength of your operational controls?

11. What are some of the most significant operational risks that you believe your institution

faces, and how do you prioritize and allocate resources to address these risks?



